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Abstract

In distributed algorithms, due to the heterogeneity of local data generation mechanisms, it is crucial
to consider personalization when developing federated learning methods. In this work, we propose
a personalized federated learning approach to address the robust regression problem. Specifically,
the regression weights are learned by optimizing a smoothed support vector regression loss function
coupled with a sparse fusion penalty. Furthermore, a personalized federated learning algorithm for
robust sparse regression, termed PerFL-SVR, is designed to effectively solve the estimation problem
within federated systems.
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Figure 1. Performance comparison of algorithms under the Cauchy distribution
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