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Abstract

The digital economy has given rise to emotional appeal-based virtual consumption centered on
emotional compensation and social recognition (commonly known as “licking dog economy” in
online slang), with irrational spending behaviors such as live-streaming tips, virtual romantic rela-
tionships, and holiday emotional gifts once rampant. As young people’s self-awareness grows, con-
sumer behavior gradually shifts from being driven by external social interactions to being driven
by intrinsic self-fulfillment, showing a clear trend of rational awakening. This paper takes online
emotional consumers aged 18 to 35 as research subjects and constructs an analytical framework of
“consumption motivation—rational consumption transformation” based on data from 448 ques-
tionnaires. Structural Equation Model (SEM), Binary Logistic Regression, CART Decision Tree and
Random Forest are comprehensively adopted to analyze the influence mechanism of diverse con-
sumption motivations on young consumers’ rational behaviors as well as inter-group heterogene-
ity. The empirical results show that young people’s emotional consumption motivations fall into
two dimensions: self-reward motivation and social-oriented motivation. Self-reward motivation
acts as the core driver of rational consumption transformation. The more consumers base their
spending on personal demands and self-value judgment, the more likely they are to develop inde-
pendent, rational consumption patterns. Social consumption is context-dependent: it can serve as a
way to maintain interpersonal bonds and express emotions, yet it may also boost irrational spend-
ing tendencies under external pressure and emotional impulses. Individual factors including in-
come and age shape consumers’ behavioral paths. Machine learning models further reveal group
heterogeneity under various combinations of consumption motivations. Cross-verification of mul-
tiple models indicates that the transformation of young consumers essentially reflects a shift of con-
sumption decision-making from external recognition orientation to internal value orientation.
Based on the research findings, optimization suggestions are put forward from three dimensions:
platform governance, consumption guidance and market supply, so as to standardize the develop-
ment of the digital emotional consumption market and foster healthier, more rational consumption
values among young generations.
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1. 5|8

15 IS 0 2 RO 9 R B B ARFE R . M BT A A, IR R E s
B RAET S B AAT BB AE . 55 A/ B4 BROEE N AL Bk BORA S B L 355 (1], A
[ PR TR A2 B R I 7 15 5 T P DR AN R A R AR B A B o ATk B o, 2021
TR YRR ALY S 5 BT 800 A4 TT, HIRKELRR N A S BRI, BT 6 40% U EiRE,
AR AR H ALY TE B 7400, AT IR IE 22 .

HE 2023 S, %M BB R GEvENcA, S ERR T S 4T SN FI LR B 74%, A7k 8% 11
P FRES I . WTRREZ I EW . WA A S Z B G SR, R R
M IE BB IE SR S T A AL TSR 9. B EAM O LI SR I AT
BAEAZINH] " IRZ M. 52X, “PLCiE P POk, D 9 X AN B BOA R R IR,
TH R H B HSE R, AR T e B R IR A T e e[ 2]

1.2. CHRERA

HEl #12% % Siwat Chokpaisan %5(2026)if i G/ Hraff EUE L, ek ELAE-T & B PLEALAE A s B 0e Ak
Ubl, S5 IR B2 B S5 N R R I ALAT v B35 EAE DG, BB G Zh AL LR B AL
TN R X RGIEAAT KB R E TR, NRMEAR, FE RN RIIEA T e, HFrEAL
T REZRKIET FEWER S 5FR, mAERaAif WE HE3].

E AR FO R AR L BT IARHE: #FMAEQO2D)UESE E AL Tt « — )\ ™, 1.2%ki0 1%
B 82%ALPIUIN , 90%E738 FH F 5Tk 68%i/K, e T A b Mg A T IR i 24 4] EMIH2024) 2 T}
¥ 558 ML E AR EBEEIAE R, A, EALR RS T AT N TR IR AR R SRR, EALIT Rt
EARRCR s B T AU O ek . ERE SR ALAE(S]; HVKIE(2024) i8I X 7535 B 39 Ak
AR TR A ME R IRE, P& BRI R PK BHENLE], SINEHEREE. A2
MR, SLERIE M ACGEALE T oI5, MACEALAT MR S SUE G B, SRB R RIER S ARG i
INFISEZ HOBYRR, FFIERER A IEE W 2 [6]; TEk11(2020) 2 T HUR B IS 5 17 BB IR 11 410 72
fah, FARIIIEBIE TG R MALYIFT FAT MR A, WAST FAT AT DRI N EELL AL . AR I
RS ZUF RPN, F AR G WA B P FLAC 2, LRI i BT 34 (15 Iy 55 7]

DA 0T 98 2 ARG B TR L T, AEREAL: —Rb N IRV Ir i 57
] “ERVENL OO R R R RIBASHLE b R AR G B, RS AL A R AR
PERR. ABERAPE. ARl SEM. Logistics YRR BENIARM Z A, SRANIA B TE 715 5 — B,
7R T B LR 7R
1.3. fAREIT, BIEESTEEN

1.3.1. HiEskiR
AR EREAET7, Hia 18~35 A HEFT 3. BIE RS . 5 B EAL S HERE M
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TR BN, B 472 4y, BIRVEEN RIS . BR8N E 24 1, &E&H
AREAS 448 13, FEARE 2 uGit SHLAE % ) R ER

1.3.2. TEREK
BURRAR: R EHEMREAY), MBI 23 LT S TN, Wb R E R ESET , JR
URZETERE 1~5 4, HmBDRIN): 1. 2=0 CIEERMEITEFTH 2%), 3. 4. 5=1 (FRHEMCHEDR), —unkE
BREEXE)
Factor 1: MEALDE CIH 9 8IH1(Q21. Q22 Q24. Q25), RELLHIE TR MERIE ML LIIHE FHUFR;
Factor2: #AZ MW HEIHL(Q10. Q13 Ql4. QI5. Q17. QI8), FLFE MFREUb NINTT. 4 RZHAL
KEZFHEMAAT R,
BEHTE: Fi. FIRON. HIL Bk

1.3.3. fIR7GEIZR

RZRNMER T H1(EFA) + BAEYEE 7700 (CFA): kaie M E 80, R—RIUZ OB &

SR R AL (SEM):  BALAE AT . D Bl LN T AR B B 2R (K 1E %42 1241 SEM
RS 31 R 1 80

G Logistic |} §iid 2 25 520 PR B R A I AR i, TH AR B RN A S M L

CART RHR: 12N SFile . HATIHEREL 170 2 AR Ltk 1L 5

BEMLARAR: SRR RSN, TH AR R R, SRR IR .

1.4. #5EE®

Hl: MEALTLCIE sV TS S B R AR B 3 EMEH; H2: #:3X S mIVE S sh LA e 2 &
MR RZE M RER; H3: Ml WA SRS EZOBEAE IR M, Ha: R30I ERE .
BN FW 2RI 0 B AT R R4 B ARFIE

FEARH AR 5EGT AR 2 E AR AT AN, AR SRS T 2 B S AR
o BRAEASIE R E T LW R REPIT N, TRBEMEANE R st SRR MiA . Kk, ARCATE
HAER 5w, Tl SEM A5 A3 — 5 46 96 X 3 1V 2% 52 o
2. BETFEMAFREER(SEM)BEHREIT ARENS S
2.1. REMEFSH(EFA)SHER S ZREHRL
2.1.1. AFotrERERE

ZREFNE R ESNES Z4E0HEME, HMOEI S FSINIAEIR 10 NETET 8T, B85 Q10.
QI3. Ql4. Q15. Q17. QI8. Q21. Q22. Q24. Q25, J}JI/E KMO 5 Bartlett BRIEK I, 455 KMO =

0.886 > 0.6, Bartlett BRIEARS p < 0.001, Kl 2 K T Ml i . MOR M R 70 ik s A L7,
FFAE 5 K T7 ZE TR I SR R T AR R RE 0, T7 MR AE R AN 1 T

B

Table 1. Total variance explained table

"1 RDRHEMRER

BT ZERERE A R
745 FIAEHFEAR TT ZERRRER KPR
1 4.183 41.83% 41.83%
2 2.071 20.71% 62.54%
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WA, RASFFAERAT 1 RYEN, ERE 2 D AILE T, WA A IR T R R RIAH] 62.54%,
I A 2 B2 BT FUIE R R 60%, Ui B S B P> B 1 BE W B AP R T 9 15 TR B B LA Y o

2.1.2. ¥£F5FZEMRE CMB 818

A SCBAE Y SRR T Ay W B 2, AT REAELE SE R 5 e 25, PRI SR A Harman B[R 74656 5 72
BEATHIE, BN T 5 ZRFER 41.83% < 50%IIf A8, EBAAS Al B AN 7EAE ™ B AL [R5 i 22, BE ]
151 BIF.

2.1.3. EFHE S
e I W IR 7 R A AR PR R

Table 2. Rotated factor loadings matrix table

2. HEREEHIE TR R

g% Ji 1) D] 34
N8 A T AT S ¥ 1 52
Q21 NE SR ST 0.785 0214
Q22 RIS E 0.824 0.183
Q43 JRIRAS N 0 it B 0.771 0.236
Q25 AT N TE RIS 2 0.806 0.201
Q10 [E 5% 2 75 SR EAT I 2 0.214 0.694
Q13 = B AR R B A AR R 0.192 0.742
Ql4 T R AEAE RV 2 0.185 0.758
Ql5 BV RBNGET R R 0.214 0.721
Q17 AR T 4ERF O R 0.173 0.681
Q18 I RS B S 0.252 0.703

DLEE 2, Al Q21. Q22. Q24. Q25 7ERRF 1 L EAR mHE AT, RIGHREET AT R, AFRE
K A SARIGER T PE AT BAT N, A 2o B R B s

M Q10 Q13. Q14. Q15. Q17. QI8 fEHF 2 L EHK &M, FEMIMHHEH ZRHS KRR, B
PsZ DL AP s MR P2 ARV E AT R, BRI Ar & o A8 T A 2R B
2.2. BHEMEF I HT(CFA)EHE R

T EFA ik 45 3, DL 448 A BBEAR XA T CFA MR, (8 10 NG BOWME I, FEA
SR AR B 10 %5 DA B ARYE
22.1. FEXBRSBEY

Table 3. CFA factor loading coefficient table
% 3. CFA AT HATR

Factor (22 &) MBI (A ) PrRAELL B A BEME

Q21 0.781 p <0.001

Factor 1 (B 23IH1)
Q22 0.819 p <0.001
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Gk
o Q43 0.762 p <0.001
Factor 1 (B 223IH1)

Q25 0.795 p <0.001

Q10 0.687 p <0.001

QI3 0.735 p <0.001

o Ql4 0.751 p<0.001

Factor 2 (132 5 M Zl#1)

Q15 0.713 p <0.001

Q17 0.674 p <0.001

Q18 0.696 p <0.001

W2 3, B WL BRI bR v A BT 2 B TR K T, p 4SBT 0.001, BN B bR BB BT )
fRFERE T -
2.2.2. I ESXSHE

Table 4. AVE and combined reliability CR
# 4. AVE 54H&15E CR

Factor T ZF L AVE {H HAEE CRE J W b i iR
Factor 1 0.610 0.862 AVE>0.5, CR>0.7 W SIS R AT
Factor 2 0.518 0.814 AVE>0.5, CR>0.7 SIS R AT

Table 5. Discriminant validity (AVE square root vs factor correlation coefficient)

#= 5. XOMEAVE F51R vs BFHEEXRE)

B3 Factor 1 Factor 2
Factor 1 0.781 \
Factor 2 0.342 0.720

WA AR 5, PIANEARE AVE PN R THASCR AL, BN il SR WL A S sh LR AT
RAFIIX R, B X 2 R Ik AR o

23. GHAEEREESBRERR

HMEJEAS B Factor 1 (PCE3IHL)H Q21 Q22. Q24. Q25 fif&:; Factor 2 (#:32 F MBI H Q10.
QI13. Ql4. Q15. Q17. QI8 fijH;

WAEAR S o PRV P At Q23 WFAT T &

GEFIRERL . PRI EAN DS, SLRVER T S B 24 . P, Factor | MLy S E T
H 5 TR RIS 8 SR 72 A B3 R 0] ;. Factor 2 2 S iyl 2 24k 46 R . BEAK BB AIAN P-4
S A (Y SR A

PR 1 L BLTH R BT o 35 BV I Y B W63 T M) j2 A (H D)

FEAZ I SR BT P BRI B 3 IR (H2) .

2.4. SEM IR ELER5EIE
JEAERER RMSEA = 0.054, CFI=0.946. 3B{k3kE, HAMISIEEIET BIGKE.,
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3. ZJt Logistic [EY3: EHEFZHRAXEEZMERIRA
3.1. ERPESTEIRE

T4 Q23 MR AR, KBy BV R BER(Y = 1) AEERPEH SR B AR (Y = 0);
R R FEEARE: Factor 1 (BLEZIH)EF154 . Factor 2 ((EAZ S IMZINN) R F1E4; #HIEE: FH.
WNIKF ZHERE
3.2. Logistic 12ZU#3E

. JC Logistic BT A

P(r=1)= Hle,z Q)

Horr, P(Y =1) 3RonTH 238 R D0 B 9% R AR

Z=ﬂ0+,31X1+ﬂ2X2+ﬂ3X3+ﬁ4X4+ﬂ5X5, (2)
Horbre B AT HON: X, N Factor 1 (B BBl R 74358: X, A Factor 2 (HEZ S ZIHL A 71370 X, A
s X, NN X AZBERRE, B (i=1,5) RR%E RIAR B o 20 2 4 RN (¥ 5 i
FEE

3.3. SEHEMEN

Table 6. Results of variable collinearity test
=6 TEHEMOBER

65 VIF

Factor 1 (1% 231 H 7155 1.42
Factor 2 (#1:32 SR BIHL) K T1545 1.37
ERE 1.18

TR 1.25
THERE 1.11

WA 6, FrARR VIF KT 5, UiIRBBUAAAAE I 2 F LA 1t ()
3.4. Logistic BV R 2 #r

Table 7. Logistic regression results

%% 7. Logistic EJ3Z5R

Logistic [B1 )25 5504t

A B FRUfERZE Wald p & OR
Factor 1 (15 2L F155 0.765 0.214 15.46 <0.001 2.149
Factor 2 (#:32 S A BIHL) K T154) 0.176 0.088 436 0.046 1.192
e 0.118 0.062 3.62 0.057 1.125

PN IKF 0.291 0.137 451 0.034 1.338
XA 0.084 0.109 0.59 0.442 1.087
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W22 7, RER: B, WO SRBIHUE P BT P A A B W3 TR 1A 52 (B = 0.765, p < 0.001),
FARF L OR = 2.149, VLBALEHABSRAFORFEAARS, i CL7H PR B LER T+ RE 08 152 5 i 23 b N BRPE VY 2
FERIOMER . A5 RV, BT 3 SRR ARIGFIKHAM E AW 2 07 2, RS E FATH PRk s

HR, #HAZ S RAHAAAEITHD, KRS RIFALIR S BRI W %%,

550 53 A TR A AV B 6T B AN R TR AN R, A SN A AT B R R A . e K
YR SR v REHA WA H PR AR AE s 1 g M T 2 U R R AR A ) . BRI, AR AT R
o B B R T B A BARTE S S AT R . DR, URONAKOT X B P A B IR R,
HH 22 5% SR A1 3035 T RE A1 Y o 3 TSR e ) RV B U SRBR ) o

3.5. REBERESHMEE

Table 8. Logistic overall model evaluation

% 8. Logistic ZRERIFMN

E{=tan ghR
R EL 2 112.36
pfH <0.001
Nagelkerke R? 0.327
BARAL 82.84%
AUC 0.852

W78, LEHLFKE. BIAELRGA TR E KT, BEH BRI IR 2K68 07 .
4. BT RENSHEIERNIERYE S RES T
4.1. HFFIJEBGE

BT 78 B T SR A A 2 B BB P, B S A N IESE 2 IR R L RIS, AS[A) 9 2% & Bk
A BEAEEANE AT Nk AE . L, ASCHE— BB ANLES 231051, SR CART kSRR R AN B L AR bR
L, XV A B B e A o O AR 2R 1 o0 R AR S R PE AT AT

AT LATH B BRI SR R (Q23)E N4 2K B ARAR &, W53 93 R o W EE i B v A 5 A B T
P RER . BRGNS B HE: Factor 1 (I CBIHL) A T43%5; Factor 2 (#E38 FHIZIHLE 1550 U\
K W ZHERE.
4.1.1. CART EEEHY

Table 9. CART model evaluation
2 9. CART =BT

Ei=E 7 a5k
Accuracy 81.96%
Precision 82.37%

Recall 81.42%
F1-score 81.88%

AUC 0.842
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WA 9, SiREI/R: CART B BA U RAETT. RN, St MZREN, B ALE A
B S22 A0 [

4.1.2. JHBRERED BRHES

PR EER TR, B OVl B2 2 BT SR e R ZE 0 RN R M 2 AR Ol 2
i, HH P SRS B B R SEER ARG DUS KA, SR S B R o 9 BT B A
TAE D Y BB BUR AR, SN — 20 SOV B 70 KRR - BART S, AEAWTIT 448 147
FEAH, CART BARLRGN I 2) 4.2 73 70/4 BN AR — AN R0 611 i

BRI, RN RG] 448 MIREATERIN, DBt RUERRRL, SEE TR
B — MR R FBRFGEREAR YRR AT N ZE S, MR RAT M 3 P B N e

AL BEFEASIE A EARYE %7 5 k) 70 25 2R

TRANFER (RN <42 77): REEIER IR, W5 Ak )0 S AR R 2

TR RN > 4.2 73): Bl TARYE B 5 @ R ATH e U E AT 1T, 3 2% sk L B Rk

BRI, WO FF AR B R T e R S B, TR AE AN R B SR T R v 2 2 47 R L

4.13. RRBESEMWERIH

HBE— D 3 MT RS 43 SR R I, S BV B B T B R UL DL RFAE -

H—, PO RBIHL(Factor IR ZRFE AN R . XYL P 2 G Reis R e 2, Bk
BRF L 9 pe S 75 @ T AEA N T SR 0 i 2 7k

5 NIRRT B AR TR RV o B SR O3 9 2 B T K Bk
Fesia), WG EE A FAER.

=, ARG MBI E R . HASHE R A BRSO R TR
INBRIC R GES, T 701 28 M2 B3 o mT R =l B Mt 1)

4.2. BENARME AR B RETET

N T FEAR AR P SRR A REAZAE O ARSI, ATt — 0 R BELARMAR R AT R PR SR E . A
S 8:2 BRI I RS RS, JFHIEE 500 BR> R FEAT BRI 25

4.2.1. FENZRMIRBFUNLE R

Table 10. Performance evaluation of random forest model

= 10. BEHARMIEREREITN

AR HENE
Accuracy 83.26%
Precision 83.71%

Recall 82.95%
F1-score 83.32%
AUC 0.861

WA 10, S5REIR: FEPIRMAB R BEAATRCR O T 50— R SRR, Il ZRBE AN U Tt 45 SR 22
SN, UL E B R S R, BB Iz AL RE
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4.2.2. $¥HEEEMS
BEALRR PRI 1 — 35 1 5 AN [R] 25 5o VY 2 22 Bk O 2 0 0 40 K 8 R B AR . 45 R T

Table 11. Importance ranking of random forest variables

=11 BEIAHEEEELHF

A P

Factor 1 (it C3I#HL) A F15445) 0.372
Factor 2 (#1432 5 M ZIHL) H 115 5 0.238
BN IR 0.168

aa 0.143

THERE 0.079

WA 11, O R N 5 (0.372),  AEREMATH 2 BRI S R R A Do R R . XS R —
DU T 2 IR R I th 2GR AR RAE TS T BRSNS N BEIRIE R E T B

4.3. SRBGERERWIR

L5 PRI, AR S TR S A B — BRI L. b, B BN A 4 I R R
BEAE ST, VLW S AT 9 IESR T E b SR A S 0 1) 11 B RS, (EAE ST R AR AR ST %%
AL RV U 55 R4 S IR S R F R . BEAh, ST AT AAEAE— 5 SR, RIE) Bt LA
NIRRT BN [ S B 4%, 40 4.2 T3 TCHONTT LR M S ATRE A T G0 T 50 2 AHE, R AR %S
PR
5. EEMRSEL

(—) FEBBRHEHANNEERIANCH EH TR R

By ARE FEH AT N D WAL R IR 9%, RIBNAREAN AMEAE 2 X R RN R 61
TP R RR MR T WL, B B ST IR L Bl TR RS PIRA
FIZhHL: 55—t R BB, SR 2% 5 W P 2 B B /R 3 SO I B 3L,
SR P AT N SR R AR AR .

(&) HCHHRIVRESEEEREUNEZRR

T EE R, 1O REIHIAE SEM B, Logistic [1 5 LR HL &8 2 >J 570 v 35 32 I H 00 i e
71, SEFGWATE A S Y R R L R R . BT R RS R PR R A, XU AR
TH AR I FARTRT R IUON IR T 3%, TR T 9 R SEIZ T AR TTAN T [ 5 1) P9 75 SR = 1

() HRZHHAFHEIEBNE, HIB RSB EARE

TR SRR I AR BB AE RS B, T2V 2R ShALIZHT i A1 A R SX B 3 e A W e A
A AZ I B T IR H N BR R RYEP A RIE T, B G EE; Ml . R4 AME L
FRAEAN VO IKBD B0 B AT BESE AN AR B -

(M) HRATRFE—ERERAN, BERSIN. S5 &M URN ARMESLFIEA

FELHIREAT, SN 4.2 TI0(Z T RAOURMES HTREAR N BRI GETE 22 5, F AR i H AR )
RRETEBRME, RPN AKCTAER I RERAA D RA 0 Z M. RN (KR Mk Se i R
FEAAR ST Sy BN S R AR TR 9% R SONTE AR S R SR ST, A ST Z TS /)

(h) R XIRUE, WRBF AL R RN

DOI: 10.12677/aam.2026.159388 245 I3RS


https://doi.org/10.12677/aam.2026.159388

T %

AR LEA KA SEM. Logistic [Al)4. CART IR FFEHLARMALAL, G5 R M2 A1 dE 26 1%
S AN E AT AT . 2 AR EE SRR, e O RNl e SV T R R R, At
ZIH N B R SR .

6. BB REITIEEN K
6.1. BiPBR

FEHFHEBHERER: X0 “HxSHAHER” 5 “RafEh” —Joshbl, RANA R —
FAE RN A 2 5

TR H: ARSI, GHENEELE + JELER Iz S, RTFSHESS 1%
iﬁ%‘ﬁ;

AN FEERIE 5 IESCUMURE. B8 Z N R 26 B AT 34T A 22 Sk e, SN 4R 90
PRAIF ST HR AL SR S

6.2. 1T SIEENE

FEZRM: MEEEEENE], BUEBENUE BRI S WE T AE . RO I R,
SERARERIET 98 s 590 EARIRALIBE LR L, b Pl Z A AT IR T

BUGIERE: 583 BAREIIE FOEANENL, IRBImR AT 50, AR st JT RS B
R E AL, SIFMAL “Biaiide” W

M e Z . SR HAR R . IR i RAL AV E B T AR RIS R, LA
A HEIETE AR, S T s gL A

7. HRBRERKRE
7.1. WARER

R FIBAFAE— LR/, G5 (1) FEARR: CRAL LS EImEE, svbKIEEm
B, TEWME AT AEL: Q) BERR: RMWAFRELZTFRG . NN AGE . A H
Af s PO DA Rtk S ARG H A E, FAEE—etiRTEmZE; 3) MAFE: Hlasr I 0CR At
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