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Abstract

Objective: This study addresses fragmented student evidence, weak job translation, and guidance
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without feedback. Methods: Evidence events, competency nodes, job requirements, and growth
tasks are defined by fields, values, versions, and review states. MacBERT-CRF extracts job entities,
SimCSE normalizes synonyms, and TransR represents graph relations. Time-decayed scoring, hy-
brid matching, and constrained beam search generate gap diagnoses and task sequences. Low-con-
fidence mappings and high-impact recommendations undergo review by two teachers, adjudica-
tion, and appeal-based versioning. Results: Developing a prototype system for Data Science and Big
Data Technology and Statistics supports standardization, profile updates, diagnosis, recommenda-
tion, and feedback. Conclusion: The method forms a traceable and contestable guidance loop.
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