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Abstract

Breast cancer is the most common malignant tumor among women. Since 1990s, its incidence has
more than tripled. Digital mammography is one of the most widely used breast cancer screening
methods. However, the complexity of digital mammography images and a large number of examina-
tions may lead to wrong diagnosis. Therefore, computer-aided diagnosis using image processing
technology and pattern recognition theory is introduced to maximize the cancer detection rate
and solve the workload problem. This paper reviews the value of computer-aided diagnosis sys-
tem in digital mammography.
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ZHUEARIRIE R, LR X 23 FLIRE S0 TR PR 20%~22%. Fith, FLAR X 4k
Je FLRRIE O 2 (R[] 2015 4F, XAERERRIRTG T 2260 Jiik AR X I L. R0, it AR
X L4552 BB 2 9 10%~30%, 12 7L e (1 7 i Jir A1 6, 978 S50 S o ARHI s 2 R XoS P 58 A LIRS TE A
fife Rt LTI NIECF TR Z & s R R R TT %, W26 BURAEA IR IR 1 BE V0 Bl A R A5 7L s 1Y)
AR, DEEAR X ZEGN =4805%. RENEE R aEHEekE R b AR £
30%~40% [2], {HEZHUET[RRZ) 2 7R X LB IWifs, IR RIS 2K E3]. Bk, Ao
T EIVPAS LR X 2R A2 G S EIE, DA KRR FE R S e A 2, FEAR U TAE & ).

FUIR X G2 T EN VB2 e 1998 4F & RT3 & 24 i I BVE SRt . AT ENLE
ERFMATEEX IR, DI RHEA . R R =, JRRFINARLR X LB i S Bhi2
Wiy s T Tz R FGE, el R E AT X TR IS BRI AR S TR A 4 SR R SRR
A AR BUBUR RS A TV BRI IORSAE, itk T oWt #2, [, s> TieWir i =0k, 5 o
R AR BT PP Al R 2 B, AT w2 W i P 00D AN B e A [4]

THENUARBNZW R AW THENUAR B RGAT ENLE BN W R . THEALH BRI R 5
L T AT 55 (R P 58 ) o AATTF8 A 8O RHEE AR I 3 AN, K B S 1) A 3 B SR R 45 T
SRMEE A THENUA B2 W R G h TH 0% S RS, R AT RAPEECEME 1) 4028, 0T e sUR
R TR 12 R 75 e B VAl R e I R S [5]

SRR BhiZ Wit =AM IR FEARSK PR X 204852 - o o, M EUR 48 2R 140 81 T BE 9 A8
B MR ZAEURRHE AR I B RRIE . 25 =, THENUBIS WS B THLE 5 ST 1 7 2K 4%,
oy BT — A B REAE SR T 495 28 5 Sk I e A DR B AR T B (. “BHAE” ) [6] Freer [7]
S NATHE MR FC T THE AL B2 Wi 73 BRI . 76 12,860 FRFLAR X L3852+, A 986 KA B
49 e . AU CAD Bkl ®] 1 8 Fumht, XK A4S 1 19.5%. Birdwell [8]5F AXT 8682 4 i34
HEAT T HOMEVERE T . 10% ) 4 H B, CAD TTHR 1 8%I1 i A [51 45 SLAN 79 ksl 3] (1) ik (29 P e
H) 2 F). Ko [9]5F NHTHEMEHLAFERE 1 5016 SKAE MK TAEPR A JC CAD BIFLG X el TR
TR, BRIZEMN 12% 2] 14%. 2R 107 2B FH T, 6% H CAD F1EH . BT RHE
UL 2] 48 FhJC CAD FRIJESE (1) 43 FlRT 48 Rl CAD IJEIEH 1) 45 Fh(+4%). CAD Jed 1 U FHE
A R 8 FhIEIE »

BEE N LERRIIKRRE, TFEISFIRRCENH T IHENAIZE 2%, XA R EEmA
e, JRBEAE ] AR A R 2], LS B sCR REE M VA A A K S R ST HE . PR ST R LA
oI AU, B A M ZIREE R I AT, RRAlEH T EGRAM S, 28msl 7L
AT AR TR RS A KR 0. SR W 2 B T FLAR X 52 Bz 248, v LASEal
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2. WHEHHENISEERFUILR X B PHMRER

By A FUER X S5 R R s, RS e B, SR M ADSUI AN B, X 2L #8mT BLAE 9L
S I I 5. 2200 T R IRTRUR BHER T B2 2 AR AT 04, X FUBRE GRS W AT R Bk
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2.1. WIS HAT S5 B

WS RT YBRUIRI BN, BN BE A FUIRA A, @ BRI, SRR R
TR BRI — o BERSAEE R, AT RDRS AR IHZRRAJR D o BT TT R
B 92 00 L ER A AL T SR IR 2 W A 0.3% [11]. ENAMR 2 & R EE 3T T HHEN ARG T
TS W AR 7E, AEF5 L S W7 T T SN B2 i e R B T AR AF i TERE[12]. XUkl
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2.2. PRSI 5% by

ORI, FLAR X BRI BRI ELBA S A S BB, DUOAERAEIZAR . 0% KNI AR
KA, I Bl w5 BHGE X 7 B 200 5 5 BT R A AR A B FLIR X & 1R
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55 B P AT AR X AR REAT R A b, A BT SLR x LTRSS T IR & OO R 2
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