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Abstract

Taking the integration of chronic disease medicine and prevention in China’s primary healthcare insti-
tutions as the research object, this paper used the LDA (Latent Dirichlet Allocation) thematic model
and social network analysis to study the focusing themes and exploratory paths of chronic disease
medicine and prevention integration in primary healthcare institutions, with a view to providing more
valuable references and policy suggestions for the practice of primary medicine and prevention inte-
gration. Itused Python software and Gephi software to draw keyword cloud map, co-linear network map,
and theme clustering map respectively, aiming to dig out the main contents of the current focus on
chronic disease medicine and prevention integration in primary communities and summarize the
names of three themes: primary healthcare and chronic disease prevention and control, community ser-
vice and public health, and management and policy support, and put forward proposals to strengthen
the service capacity building of primary healthcare institutions, innovate the service mode of primary
healthcare institutions to carry out the integration of chronic diseases medicine and prevention, im-
prove the policy support for the integration of medicine and prevention, and strengthen the construc-
tion of information technology interconnection, with a view to providing a reference for the future prac-
tice of promoting the integration of medicine and prevention of chronic diseases in primary healthcare
institutions.
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Figure 1. Research framework
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Figure 2. Keyword cloud map
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Figure 3. Co-linear network mapping
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Figure 4. LDA topic consistency curve
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Figure 5. LDA topic perplexity curve
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Figure 6. Topic clustering visualization analysis

6. ERREAMULTH

32.1. X# 1: BEEETTS5RMYERPGE

iz Python ARSI | BURT 30 DNEMuAliL, 25k “MR% B Ala. B2, @R, &,
FEEBEA . BT B2, TAE 8. BF70. V. A4 B, By DA R DA BRA1A.
k. i ER. BT, BEAL B, K. 178 B 1Rt ES AR, EISHI 8 1 R
AL TGRSR, s 7 Brs. HE 7 # 32 BT KEEE. B4, B, AL TAEL BAE.
Tl BB 470 B Sl T, %5 A 3 B S 5 2 BT MU fE B M B i Ve B T,
PRI Z ST MU BRI RS 18V B IR R DA R A L TR RS 1B

322, Ff2: HXREZFSAHEDE
1Z M Python BCUHHREL R 2 (URT 30 NEIANE, 8 “IRS. fEEE. BEyr. AL P4, FE

DOI: 10.12677/acm.2025.153678 784 I IR 2= =23t e


https://doi.org/10.12677/acm.2025.153678

i 5

Selected Topic: [ Previous Topic || Next Topic | Clear Topic | Slide to adjust relevance metric:®
A=1

Intertopic Distance Map (via multidimensional scaling) Top-30 Most Relevant Terms for Topic 1 (47.8% of tokens)
0 1,000 2,000 3,000 4,000 5,000 6,000

PC2
s I

Az I

Overall term frequency
2% I Estimated term frequency within the selected topic
1. saliency(term w) = frequency(w) * [sum_t p(t | w) * log(p(t | w)/p(t))] for topics t; see Chuang et. al (2012)
2. relevancef(term w | topic ) = A* p(w | ) + (1 - A) * p(w | t)/p(w); see Sievert & Shirley (2014)

Marginal topic distribution

5%
10%

Figure 7. Clustering visualization analysis for Theme 1
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Figure 8. Clustering visualization analysis for Theme 2

Bl 8. E& 2 MBREAIALSH

M PR 15 2 3 fe

DOI: 10.12677/acm.2025.153678

785


https://doi.org/10.12677/acm.2025.153678

i F

3.23. 81 3: BEESHRIHF

iz H Python BRAHHREXE @ 3 (AT 30 NEAIAY, 43R “f@ R, Aa . R, EHEL. B2, M.
SEL BAE RS, By DAL TR, BT, Bh. Bk #HT. ALTRAE. @i hE. 2Bl 9.
JER 8RR, . TR, R FEARL M. MG, EBL. REEEAT, PRI H] 3 3 R
o tras B, s o frw, Hob <@, hd. ERy. L E2. M. SR P4 S kw38
3 FEOCUR IR BRI AU 1) BT R B il S B SRR, BB R B RS ML A 1 B IOR 1 Sk
fli AL PA RS BOR I 5E B 557 o B 8 PRI Q)8 o BOR SCRE R RO, ST R T AL
MR 45 B8 ARG KT, HESh e PR B i TAE .

Selected Topic: (§___] [ Previous Topic | [ Next Topic | Clear Topic | Slide to adjust relevance metric:® : : :
| ]
A=1 00 02 04 06 08 10

Intertopic Distance Map (via multidimensional scaling) Top-30 Most Relevant Terms for Topic 3 (20.7% of tokens)

pc2 0 1,000 2,000 3,000 4,000 5,000 6,000

e I
e I
e=p; [
w2 I
u= I

s Il
Marginal topic distribution sz [l
Overall term frequency
2% I Estimated term frequency within the selected topic

5% 1. saliency(term w) = frequency(w) * [sum_t p(t | w) * log(p(t | w)/p(1))] for topics t; see Chuang et. al (2012)
2. relevance(term w | topict) = A * p(w | t) + (1 - A) * p(w | t)/p(w); see Sievert & Shirley (2014)
10%

Figure 9. Clustering visualization analysis for Theme 3
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