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Abstract

In this paper, in order to deeply study the development trend and evolution process in the field of
chronic disease medical preventive integration in China, 373 relevant literatures from 2006~2024
were collected, and after data cleaning and pre-processing, the LDA model of Word2vec was intro-
duced in the theme mining of the literature to determine the optimal number of themes in each
period and generate the theme evolution Sankey diagram. The intensity of each topic in different
time periods is calculated and hot topics are described by interactive bar charts. The results show
that in the first period of 2006~2020, most of the studies focused on how to integrate healthcare
services and how to combine chronic disease prevention and control with medical prevention; in
the second period of 2021~2022, in addition to the continuation of the existing themes, some of the
studies shifted their focus to how to better manage and integrate integrated healthcare services and
how to combine public health services with the healthcare system more effectively; in the third stage,
2023~2024, the research focused on how to realize the deep integration of health services and med-
ical preventive, and how to implement the concept of medical prevention integration in health care
services, and the research focused more on practical operation and specific application. The analy-
sis of theme evolution reveals the connection and evolution process between themes in different
periods. The themes of comprehensive medical service, chronic disease prevention and control and
medical prevention integration have strong continuity in different stages, while the focus of research
gradually shifts from comprehensive medical service to medical prevention integration and health
service management over time. It is found that some themes maintain a high intensity in different
periods, and the intensity map of the themes in this study shows that in the field of chronic disease
medical prevention integration, community-based primary healthcare organizations have an im-
portantrole in medical prevention integration, and in addition, public health system construction
and medical prevention integration have become consensus hotspots in research in the stage of 2021
and beyond. This study contributes to a more comprehensive understanding of the research dynam-
ics in the field of chronic disease medical prevention integration, provides useful references for fu-
ture research directions and policy formulation, and also provides a practical demonstration of the
application of text analysis methods. Future research can further explore the potential of primary
care and medical prevention synergistic mechanisms as well as health service management and chronic
disease prevention and control to better help community-based primary care providers to cope with
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the challenges from the high prevalence of chronic diseases and diversified health needs of an aging
population, as well as to pay attention to the corresponding emerging technologies such as artificial
intelligence and big data analytics and the corresponding data privacy and ethical challenges, and the
risks in policy implementation.
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Figure 1. Visualization analysis map of thematic clustering for phase I in 2006~2020
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Figure 2. High-frequency keyword word cloud
map for phase I in 2006~2020
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Figure 3. High-frequency keyword word cloud
map for phase II in 2021~2022
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Figure 4. High-frequency keyword word cloud
map for phase III in 2023~2024
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Figure 5. Visualization analysis map of thematic clustering for phase II in 2021~2022
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Figure 6. Visualization analysis map of thematic clustering for phase 3 in 2023~2024
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Figure 7. Interactive bar chart of theme intensity
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