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Abstract

Objective: Using CiteSpace 6.1.R6 software for visual analysis of the knowledge map of deep learn-
ing-based Chinese medicine diagnosis methods to explore the research status, hotspots, and trends
in this field. Methods: Drawing on data from the China National Knowledge Internet (CNKI) database,
relevant literature published between January 1, 2009, and December 31, 2022, was retrieved. Ex-
cel was used for statistical analysis of publication volumes, and CiteSpace software was employed
for visual analysis. Results: A total of 283 valid articles were obtained, showing a general upward
trend with research progressing through four stages: emergence, development, explosion, and plat-
eau. The field has garnered significant attention in recent years, reaching a peak. There were 181
authors, with the top five authors, including Wen Chuanbiao, contributing the highest number of
publications. The main research institutions included universities of traditional Chinese medicine,
medical research institutes, and science and technology-oriented universities, though with limited
collaboration among them. The keyword co-occurrence map formed eight clusters, indicating the
gradual integration of deep learning with traditional Chinese medicine diagnosis techniques to-
ward intelligence, with research hotspots centering on tongue diagnosis. Conclusion: Deep learning
algorithms are increasingly being incorporated into Chinese medicine diagnosis methods. However,
research and the application of intelligent diagnosis and treatment in this field in China still require
further development. It is hoped that future efforts will enhance teamwork and deepen research.
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Figure 1. Trend chart of the number of publications on traditional Chinese medicine diagnosis and deep learn-
ing algorithms from 2009 to 2022
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Figure 2. Co-authorship network diagram
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Figure 3. Institution co-occurrence map
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Figure 4. Keyword co-occurrence map
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Figure 5. Keyword clustering diagram
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Figure 6. Keyword timeline diagram
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Figure 7. Keyword emergence diagram
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