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Abstract

Adverse healthcare-related events (AEs) significantly impact healthcare quality, increase costs, and
harm patients and their families. Neonates, due to their unique physiological characteristics, are par-
ticularly susceptible to AEs, which can lead to severe consequences, including life-threatening
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situations. Current AEs monitoring methods, including active reporting and passive surveillance, both
have limitations. Nowadays, advancements in Artificial Intelligence (AI) throw light on enhancing
healthcare safety. This article aims to summarize the incidence, common types, and classification of
neonatal AEs, analyze the reasons for their high occurrence in neonates, and explore existing moni-
toring methods along with the future prospects of Al in neonatal AEs surveillance.
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Table 1. Summary of studies on the incidence of neonatal adverse events in different countries
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Table 2. Severity score of adverse events in newborns
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Figure 1. Literature related to artificial intelligence in the field of neonatal healthcare
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