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Abstract

Cervical cancer (CC), as one of the most frequent and fatal tumors in women, ranks second after
breast cancer. With the optimization of social and economic conditions, the improvement of quality
of life, the popularization of medical knowledge, the enhancement of women’s awareness of health
protection and the continuous development of medical technology, China has implemented the
“three-step” screening strategy for cervical lesions and the extensive promotion of the “two cancers”
screening program, and actively promoted the popularization of cervical cancer vaccine. Therefore,
the development trend of cervical cancer in China has shown new changes. Recently, the rapid de-
velopment of artificial intelligence (AI) technology in the field of gynecological cancer diagnosis and
treatment has demonstrated its effectiveness in the prediction and diagnosis of cervical cancer. The
application of Al prediction model not only improves the accuracy of diagnosis of cervical cancer
related diseases, reduces the error of subjective judgment, but also effectively reduces the misdiag-
nosis rate. It can help clinicians save time and energy in practical work, and is expected to solve the
problem of unequal distribution of medical resources in China. Based on domestic and foreign re-
search results, this paper will discuss the application of Al prediction model in cervical cancer screen-
ing and diagnosis from three aspects: high risk factors, cytology examination, imaging examination
and propose future challenges and further development of Al in cervical cancer screening and diag-
nosis.
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EFRIEEN, CC BN 20 2 39 % LM EA RFE T 1SS — KEam iR (1], AR v [ [ 50 Ak o
OME 2024 S RAT R RN RS SR, B ST LR R ST E AR, H AR A
SRR ZIL LTS, O VR B T M R 2], N FLERRN B (HP V)G S T 2UE S 1 3
TR PRGOS MR IRAER, B, 7 R E S0 E 5. FEAE BRI AT
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2. Al ESEEEPHEA

WFFE R B, B 3000 ) i 6 IR 25 nT DAAR I U AR L (ORYEL I R/ BEATHERE . M BERAR O AN ALSkod
JEE(HP V)Y . N TR B YRR . B3t SER B . B3R i 5 S . LIS 4%
LPIREROIG . SIS RSB 27 DRI AR SR R (3],

i (415 Nl iz LA I HR, ¥ HPV B X — m KU BRI M EAE BN T Stacking 5
RUBEATIEFC o IR SEFEAAE BAFRER ( EEPLE 40 F 60 ). 277 K. SRR 5 LR S #4 ER .
FEXT TR 285 SR 1) PPk, Stacking #5230 TAERFAE H 26 R THAA(AUC)IAH 1 0.85 (95% CI: 0.82~0.88),
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HRPER 80.4%, FrFFEA 81.0%. [FIET, Ali[5]% A\TE Kaggle #2110 5 i Bda 4 LA 17 2 ML
RV, g5 AR BENI A B R I H th, FLHERRIE Rk 0.983. wkAh, VEEIAMEE LA, Bl
ljaz #1 Nithya 55[6]-[9], tHFIH Kaggle H# P& FIEEE T & 7 AHK B E SRS WA, X e R 7E 5 31
FES W R RAEFII8CR, AUC [HI#E 0.9,

CREIXEERE LA R, BUCKHCE AT i, AR RS a8 HPV B J H 5 80E 300 A8 3 J2 1) X
B o X ELTRBH TS AR HE BRI S N B AT IR A . SRAB AT B E, JRTE DT SE B
AR A ] 4 6% B AR R0 e St A A ) T 7 R TSR S

3.Al EESHERFEFRINA

R4 1 IR vk B E R I 1 B S0W A 7 T B — VR, T 32 30 2 Fh U 20 R 2R
FRISEIA , R BH 14 R AR XS 3 i o S T AR IR — A1, 2014 SEHEH T SE 5 (1) - 5 2040 i 2 Bethesda 5 R4 -
ZRGUKH T ZREOR, ARG 40 M %88 5 (Liquid-based cytological test, LCT)AHi 2 78 2 41 g
22K 2 (Thinprep cytological test, TCT), F£45& T 4HMEE AL IRMEAR . X—AlFibrEam N TE G
DR T 5 200 0 A A, BRI O A B AERR A T SRR A TR R T AR

William [10]58 A6 30 F % THLAS 2% SIE B 34 2 B a2 W 2 S R HEAT 1 a2, f8th
i CHAMP #05- BUE A 04T BRI, R 2 HONA FE R 3 4E0R 93.78%. 1E /RN H(E
W), K-Sl AR RIS 1) LSRR R I f s O HERR A, 23 N 99.27%F1 98.5%. IkAh, — I
FoHT 1 70 B R KRR, RIHEE S SJOL)HF R T — B TR0 CIN 2 0% DL ERIAE,
S5 RRWIR N LR RESCRE B (2 e AR 22 8.2 v T AR N LR RESCHRP AL 11]. Bao [12]58 A
Wiz FREE2E 21 ot 1 188,542 Sk L IR Fr, BAJF R —MPRe8 X 43 R A0 Al B SR B A R I R4,
CWHERIZ X CIN 2 48 CIN 3 i3 735 E] 1 92.6%F1 96.1%.

ST AT 4 Bl 2 G 1) A0 s 2 2 R AR R 1 v Bl v IR 2, MR TR e N B Fr, L) P i Ta) ]
TELNRE13] [14]. SRTT, H AT AL B E 3l 2 Wi AR AL TR B2 Wi B, 388 O 2 L
PR, X ERE ALY AENTIE H FH VR BB A, f 2% ()32 W A 5 A7 75 B 40 2 B AR 11 B[ 15

4. Al EEREHPHNA

H il 24 2 B 7OR N TR BEROR R T MRI S248 7041 Urushibara [16]55 i3 2% > (DL) J5
20177 BE S0 S 241 GRS 1075 SR A T2 I MRI BHGEAT 7 i, SR &R,
TR BE2 SIS Wi R S ON BHE AR RIS . BEAh, XT A LEEEEIUE CT Wa iR A wA
FHRSCHRIRIE . — I3 7R FH REATLARAR SRR 221 451 =) s e 00 5 e A 1) CT BUMBURAALE S Al T U
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BTACST 5 SR8 Sz A B R (AR A o AR AR TN Jo) i A2 A (A BBURK BE RV 5 BE 7330 T1% A0 93%, - T TN
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