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Abstract

Early diagnosis of oral cancer is of great significance in the treatment of oral cancer. Early oral
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cancer has the possibility of cure, while the mortality rate of oral cancer in the middle and late
stages has risen sharply. Therefore, improving the early diagnosis rate of oral cancer plays a pivotal
role. At present, the role of traditional radiomics and deep learning in the diagnosis of oral cancer
imaging is gradually increasing, and the diagnosis rate of oral cancer can be significantly improved
through the assistance of the two. This review systematically reviews relevant studies and compares
the performance of the two in oral cancer imaging diagnosis, prescribes the right medicine for clinical
clinical needs, strives for improvement in the process, and helps improve the efficiency and accuracy
of oral cancer diagnosis.
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Figure 1. The mean values of each index for deep learning in the early-

stage oral cancer test set
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