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Abstract

Stroke is a critical disease that poses a significant threat to human life and health, and its high recur-
rence rate exacerbates poor outcomes and reduces quality of life for patients, making it a key factor
in global mortality and disability. Current clinical practices widely use recurrence risk prediction

IR

ES|I M WL, T, R, EEE, DI, R T SWi AR A b SR R SRR D). IR R
£33t ¢, 2026, 16(3): 2574-2580. DOI: 10.12677/acm.2026.1631057


https://www.hanspub.org/journal/acm
https://doi.org/10.12677/acm.2026.1631057
https://doi.org/10.12677/acm.2026.1631057
https://www.hanspub.org/

HAE 45

systems such as the CHADS; and ABCD: scales, which primarily rely on conventional risk indicators
and fail to adequately capture individual unique pathological features, resulting in significant limi-
tations in predictive accuracy. The extraction of massive quantitative features from medical imag-
ing has opened new avenues for predicting disease outcomes. Susceptibility-weighted imaging (SWI)
exhibits strong detection capabilities, enabling precise identification of pathological features such
as microbleeding foci in the brain, fluctuations in venous oxygen levels, and abnormal iron deposi-
tion. Its ability to visualize microvascular lesions surpasses that of conventional imaging techniques.
The development of radiomics technology provides new possibilities for the personalized and pre-
cise prediction of stroke recurrence risk.
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