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Abstract

Automatic segmentation technology is an advanced analysis method based on image processing and
machine learning, with well-established applications in the field of medical imaging. In recentyears,
with the rapid development of artificial intelligence technology, automatic segmentation has also
been increasingly applied in the field of orthodontics, achieving high-precision automatic recogni-
tion and separation of oral anatomical structures. This technology not only assists orthodontists in
accurately analyzing tooth alignment, alveolar bone morphology, and craniofacial relationships,
but also promotes the design and implementation of personalized treatment plans. Particularly in
the diagnosis and treatment of complex malocclusions, it demonstrates significant advantages, sig-
nificantly enhancing the precision and efficiency of orthodontic care. From diagnosis and treatment
planning to outcome evaluation, it has proven to be of substantial value. Here, we will review the
applications of automatic segmentation technology in orthodontics, mainly focusing on tooth seg-
mentation, airway segmentation, jawbone segmentation, etc.
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CEAVFZ MR R T HUE o #l 2. Qiu SF[5A4 H 1 — M (1 3 T IR BE 2 ) (1 7 12
(SASeg), HITHBh FHE /&, %770 LUBRIEE AR T A fif ). PDDCA %di 4 I se it 4 R,
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