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Abstract

Metabolic Associated Steatotic Liver Disease (MASLD) is one of the most prevalent chronic liver
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diseases in the world. MASLD is characterized by excessive accumulation of fat in the liver and is
associated with insulin resistance. And defined as the histological presence of steatosis >5% in
hepatocytes. MASLD has a wide spectrum of diseases, and there are often no obvious symptoms in
the early stage, resulting in many patients missing the best opportunity for intervention. Therefore,
early identification and risk stratification of high-risk groups by effective means is of great signifi-
cance for preventing or delaying disease progression. With the rapid development of bioinformatics
technology, significant progress has been made in the research of MASLD risk prediction models
based on multi-omics data. This review summarizes the latest research progress and characteristics
of risk prediction models.
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AU BEFRGAH S MR 107 V5 5 (MASLD) 28 BN A BR f5 i WL MR 22—, 2 BRI 30%1
AR, I HE S BUIMR AR SR R ANBE T 3 e s (K R R [1] [2] o HRFAE A AT HEAE WL FEAR R, 5k
By FARPUAOE, I g SO0 o I 15 A2 PE>59% IO ZH 2R A7 1E[3]. MASLD i) 32, AT A7 B (1 JHF
I SRR (B AP i 1 )38 20 A e AR T RERRAS AR DR G PE A R (MASH) . BTl BTHAEAL, RZT]
REHE R4 LR (HCC) [4]-[6]. 1X— HARMIEE K B, (HRMIFBALERA BN, SBURZ &
FHOE TR IN AL B, GEA RCT BURR m fE NREF AT RS 2, T BH A EE 2
BERERAT EEE L. BEEEYE S AEORN R RE, T2 2AEEK MASLD XU I LB FEHL
13 7 B . X EEHORAEHI TN R RES AL L 2 T LE A I IR IR 27 55 2 AN R LR AR C MASLD
WAL, IR SRS HE R KU T TR . ARZRR R 72 TRV 5 B A HoR I E MASLD K
o TS Y F) o AT FU e, L R SRR R AR AT« 2 4 RE SRR 1 L o 2 SRR N =K 077 1A,
LAY MASLD ft IS TR TR A S i (407 B B

2. BT B EMATE KR TR E

AL R ZRAE MASLD (R0 5 30 & i A4 R BT T 2k T A S DRI 2 R TR 70 M (GWAS) [ 2 JE TR XL 1F
73 (PRS) IR A Al K AE M A% 5 AR 22 57, Wi 70 2 5 i Tl 4 it Ak 4t

2.1. ZEERKKETES 2B ST E

BEAE PRS #5782 AL B — i R AL, SO S0 B I 8L A7 ;S ThBERFAE, SEBL T MASLD [¥of v
Sy PITRI . Jamialahmadi, O 28 A [71RIHF 700138 14 R FH A AT P 7 4 R 20 s v A 4B AR A IE. GWAS 43+ #T
M 36,394 FIAEA R H 27 ASETH) MASLD AR A, Hod 6 NEMSZ S /S 2050 0E . JE T
JIEJ S v B L, W TR A T R 4 B 2 i ER XU T 43 (PPRS): AN — 1 pPRS &L 7 10 AN SR H i =
Wi S AR IR H I =B S — B A, FE R MU R RS AE, 5 HCC &5 7™ 5 s XU 3 AH 5% 5
—5 pPRS 15 13 AR —BUMAL A, K 4 B P ORI 2R S AE AT I 1) MASLD 2, %45 B S #
T MASLD RJsgf 5 i, ks HERR ST TRt 770 74
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2.2. BIFFS SimRIsARE AR

KA R IE S I R TR b 45 & ol 2 Z SR TP XBe - Liu Z %5 A [8TRI A2 A= ¥ e v 12,838 3L 4IR
JSAG T 53 1 L J s 70 BOHls M st 1 3 A% LI O BT JUE I A 25 B (QHFC) W A B )™ EL JF P XU
ERENERNKR. B gHFC T3 R)E, Sttt S 4LH FIB-4 X HCC [Tl AUROC iX
0.819, Forns P/ AUROC ¥ /242712 0.877, KIEMLAL 1w REF4EAL P70 TN B . XA “ii4E )=
+ ImARTEAR " HIBEG R, MR 1A% S R VP CE AN [ 1A% 1 S5 N RURE 22 57 KA il L

3. BT SHEHREESHNRTRRE

RO TENASE, BRI E AR SRR 2 A, AR MASLD (175204 50
RHIE, SR FRT LG LI 5 1
3.1. MIRFAFAF RN HIE

e 2 (AR 9 RS (K B BB hR 54, E MASLD i R T b R BLEL K /7 Hao Chen 4
MR TRl B R S UM AO], 73T 5 TR BIR S MASLD 22455 I LK 2 19 i A1~ 2l it %2
AzhE Cox [EIHffiEH 6 FhoHEER 5, MERIIEAL AT HEAT 16 U5 MASLD i MM A, 7N [FISGIE
BAFIH AUC Hik 0.90, 9 —ZFp H 0t 1 I AT LA
3.2. ZEFRAHSEIREGIL

Zhang J % \[101@ 3 “ 8 F AL 0% - e fr - ARSI i 2 A2 iRe, g 1
e ILAN R R MERIE M 22 B, GRS B d ABD-LTYG FINALAY . AR RAE S m KAX
AR S BT R (MASH) 77 THE R AL, KBRS 536 UEBR 51 AUC 73 7ilik 0.832 #1 0.807, &AL T-1%
GiARRANETTIE, B T AT AL Bl S B $E 46 -

3.3. ERFARAAZIRILR TN

FET LA P SR FIB AT O B SRR A T S BRI Lan Y SR A[11]5 % GEO Hifit e =
AR, B2 RIS S WL 69 ANE S BRI BN S R T AR, 4 A U R RIS I 4 5y
Hral 5 BMI, MASH J HCC 5 ISR BB, FET 62 4SSl BE N F A LASSO [EI A2,
EAFIBAS RS REE RAT TN PERE, ARSI L RS A6 1 20 22 T A B0 T &

4. BT HRRFE I EAN K RS

AR > ST 22 0 S e (T AE SRR, I IRR AR S e S AR A O, SEBATIUIN 2 5 e PR
SERPERTAT, T T O I A
4.1 BRIEFREROEHAREE

FOREZBRT T MU SR, 26T R RS F b ) (R (B R BOATIE e e — I v R DU AR AT
BUBHFF[12], A\ 14,922 B RS b, il3d Spearman ARSCHESMIT. SO SEFHERFIL, HL&HE BMIL [
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ST AR R SRR SRR AR, WL SHAP {H 55 /b R B, R R
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DB, MRk T JLEREAR MASLD i ok = & J& TH A . B0 JOREE79 (1BD) & 9F MASLD H%FikK
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BN TR 2 24 iy 00 455 2 A0l PR A 9 8, G P AR R 8 A o i 7 0 s i B3 U /K,
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JHIEAEEE (LSM) J FIB-4. Al FE4k#E 5 4 LRE RS KRIZMG. Hy m B =g, FE4 S viH 85%~89% i
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A58 5 S .
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WL - B - RN N T RHESIEE R IR A, TF RS Akl e s S Pd o TR, &
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