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Abstract

With the rapid development and widespread application of artificial intelligence, discussions on the
subjectivity of machines have gradually become a critical issue at the intersection of philosophy and
technology. This paper begins by analyzing the independence and uninterpretability of content gen-
erated by machine learning, establishing this as its foundation and point of departure. On this basis,
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itreexamines the “Chinese Room” thought experiment and the problem of other minds, arguing that
intelligent machines are increasingly regarded as a unique kind of subject in human understanding.
By exploring the transformation of human-machine relations—from instrumentalism to domesti-
cation, and ultimately to enslavement—and the potential reversal of master-slave dynamics, the
paper highlights the rise of subjectivity within these interactions. Furthermore, it forecasts the fu-
ture trajectory of human-machine relations under this trend, emphasizing that the conceptualiza-
tion of machines as subjects is not a distant futuristic scenario but a present reality shaped by tech-
nological advancement and application. The study aims to deepen understanding of subjectivity and
the evolving dynamics of human-machine relations, calling for profound philosophical reflection
and construction to address ethical and legal challenges brought about by artificial intelligence, and
to provide philosophical guidance for the development of future human-machine interactions.
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1. 518

AR, N GEAHSCTE RS N T REBOAR A R ANAE & A U )2 BT T 6 32 k3%, R THL
o BRI R AT T tRAE) 2 TIPS T EOREERE, AATRARSC FEGRA TR D . AdAT
BRERIBE S A B LU TR, RO BRI AR R 2%, BUA T A WU IR ST et W A 2 2 iz
Mot v N TR RE T AE LAY RIS BARBOR . BeAh, B HITHE 2 o0 Esm N TR RE . B B RALIZ LE0 38
ARG BAR, XL b Q2 3RAG) T2 N 7 A RS2 ) i PEROR FALRR EE AN

Shr EAN TR GEREE T2 7O R, L2 212 N TR GERI A% LT U, 21
PR A HIHL A FAE SO AT BER OB BOR o« ASCR IR T LA 7 S AN AT B — RBE m, fR LR
LIFIGAEAR R EAE R, FHTHRIE N EARIHLE T AT BE .

2. V8% JWATTIRfE

S XL OB L X Mitchell (3%, HLasss Tt “ HHEHUM 2% B 3i8eE R4 S 1%
REFIAT N7 [1]. BOHLES 22 120 FE v AR BLA RIR . SREBUHT AR . AWroscE PR REMSEEL B 5 583 10
Tiid, AT SENLRE T 2 2] KR N B AR A B S5 AR Y AE R, AT XD B B A HEA T e ), R
SEHURHREA R TI,  EL 2 A B A bk — 2D AT DS

HE AT AU RS NSRRI HE N B IR IE 5 R U & AP 15 5 1R, B4
HARENK, ARREEFITELI, HARHAENFEREAFENR TS > K arik IE4E T
BB T IFAER B ARSI R AR A Z AR B AT ORI, TR WEE h 2 I BRI, 2
FIERIHLAES B QR . BARIEWARZE AT DU fEiE =5 —FF, HLE2 S R 2 4 m] LI
GMARTE F AR, TN TR T L ERE N F AR 5 SGE ATEARE, BT AR RAE N B AL AR
T2 S ANSRAR I AT DL i B B e EL A A 2 DABR R IR — Rl OFAER B T A2 4. (HEXRh AR B AE
Plsgrp AR REATTRER. OpenAl 1 2020 SEVELIM4H T GPT-3 HIZEM. g fEmitae, #2817
GPT-3 BB ALy 1750 A6 ZH[2] . TR It A SR BN 2, T8 B 3R P AR L A R e AT
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Box)” , & A RERAYIHLENTE B A IR, B R ORVE R A R B SR v S . IR T L
TENLE =) 2 EIAN TR BE RS NS DIRAR, sl S A RS (R, (673 P v
UL BB RN R XIS S i N EHES) 1 HLas 5 > 1 AT R PRI 5% o

EAZREE R, AT AR LA 78 F A BE AR A A0 R A i JR G AN P B A 1) R R ARRE I N L e
Explainable Artificial Intelligence (XAIFA B M AT B BRI N TR R b= X B 1] R (explain-
ability) i85 F il BEAE 9 N SR AN BB 2 IR T A, VRN R AR BE B \SR T B, i 1m) T A AR
BURTIERAA, 177 A IE S A AT AR . IPER Bk, WM R AR G RER 2 (M3 1, B
FRAEAN P AR R B (AR B, SR NPT AT LSRR 19 [3] . X P AR I 2 S BN I T 2, 7E <P
&7 AR R 7 1 B ) R AR R R A A AT — R ORI . BRI PR T R I ER R LS
TIR KR, MOSRER TELBRTINRIEN, —aRE Rite 7P A B g AEE, d—
AR TR SR (ANEEE EE, REAEER SIS RS AR, MONRRE, XFfEd
A BAR I R A, G AN SRR B A A B R A B

3. HSREABARBERERE

214 « ZE/R(John Searle)$2 i 7 “H3CE” (the Chinese room argument), A NEIfE AN T & GER LR A
FHAT SCFASHL, WG — AN A ST NAE s 8] P e a2 ) mh SCUE ) 1) ook SRR D0 1 P s i) e
V)[R N TR A& SR R SO A), X TR A ERGE N LR RE R IHA T R .

HORERE, 25 « ZERI R SR F R RS EOA— AN A U R — AN AN A S A
sl AESEUIATSCRT G, B TALEs = ST AT 3R, Sebs BIRATEMIS ARG NI g5 . W B
Heh ST [B] ) S U AR By W 0k BE G I — R 08, AN A 50 ST s e R 46 F) A 308 465 4 5 A e DAIRG AR N 8 i
RS PENLE . ok, FC RN AE SO ANTE RSN A D INE AR 258 LB R, A SO
N R SCB5 (BN B — N8 55, BOA VE R RSE A AR o5 [A) A0 LR e, T 8 & N BB A5 A DA 9
FrbL, EIEFIN T4 A B E7E 2 4R 450 b AT R — 0 B 12 H ST (R AART AN A HR S 5 R] P AN 18 H ST 1)
N AE N5 (B R ARAR 0 BT BB RN, A% H s [R] PR AR 2%00T . 28 6 i Hh 4 SR, 1 s [ AR (9 AR I gk
AT BB — TG AT —#E, X5 ) N — TG i it

TSR NIRRT, T SO R B 18] AT DA R Dy —ons B R MR 0 1) s AR i R A
FIW LS T B A AT LATTRE? ANHMER H, X E G in) @ — AN EIRR,  BE BORAM JB T A
PR, W KB 7R A RO R T SOl 1 JE 4], M THLE = IR, RATR 68 TR
B AN T P NI Y, IR T A O FRAT R R BE T RRAME T IR AT . TR R )
W, ML IR B RO B S RS R A R I —

BARAE — MR, N TR AR R 2 o At i) B R R [5], AN i ix 32 202 4 i s 142 11 85
Hoptl— 2R F B A& N TR RRRT “500” “3i” , shakbae. Wk SRl s i) A O n) @l 22 i 2.
RAFHEFE o S b0 TR 2 U0, ATLES 52 S I H AN B B A e AR A ) RS R RIS R R
HEBREIME .

T, RPN Y S A0 1] RO #S A0 A B . T X — IR AR B SR EAR ST
SR RN AT HE VE 4o TR AR 0] R 3 AT 8 S bR b AR A N B A E AR s |,
A B AT SR At N B AR 53— AR IR G A S SR Atk o e 8, 382 B AATT A B Ao ] R 25380 KAt
NEAEERMBILFHREIR MR 800, Bited “d @7 e s DL R R Gl ik %o 1 U i1 2%
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BRI IR 1 HBURIFAT N AT S . MARTE IR L BRI HLES B EARA B RS W 1E RIS 52 bR
FEAE, X8Rl E P, BRMAEEM IS MAETE . (F2Retg i B R ML ES R ER
S, BARCEEASEI, EQkE—IsEi T, H 54%M2 5% GPT-4 IRINNREA, MiHEA
B IERAHEA R LRI A 67% [6].

5 L (1) i) R0 T AT D Ak R At o i) R P B V0 DA LS AN X 23 FF o 481 G 28 LE A1 18 U7 22 (Analogical
Inference Solution, AIS): IR —FpE LEVERN B 7 RMHBEE—FET R, XAl DO RM A M E 1
ABAFF AT RAARIAT bl DL B A A At B IR O BRE B [4] . W R AR AR 2,
BV ER O — R O BTG Bl AN RE — 47 R AR R SR K R ] DAHE S0 A AT A 0 At B 280 O B TR BT,
BEAEAAN : LA R REHE, A ZRRAT AL B RO RSB . BSR4 AR T AR A
HNMAEE F WP A GO IE S RIS IR, SRS OE K AINE T R MENER BEE
IOHIHEIA, REUS A NIE S HISL3, MR A7 7E Rl 0o B VS 20 1) 1) R B TG 3 SR DA e 28 B Aty
R, BAN R M HLZE AN 23 K. ROMARYE 4ERRIR BT I He, 1E SR HERR . 85
WAL TR AR S P A, IR B ARIAE S — B TRANERNZS S, Frolsim b
X RERE A NER QIR BTSN AT R B SE b Lt 2 L3 5 N TiES
AR AL [7]. EE PR SR A 51, BB O B S b O T &, e
2Nt N S5 LA A AE BN 5 LS B 0] P — R R A M PR S A 75 5

BEXF At 1 R, FRATTAS B 2208 SRASFHBEAAAAE, AN T REA L0 0% B ik 2 SR M 1) i8]
RSB TG R LR T AL B A O 1] R AN ] 7 R R AR 25, T Ay Bl i IR iR da e, H ATE RO 1)
EXAHLE S N AR B =S H SR EG U RS R RS 05N IE 2 N AR AN ERR S
AL, AR R AEN SNSRI CE S NS EES . YL B E N AT
P, BESNHI SN B SMERR AT Ay BEAR L, T R A FERISLY, DU IR b At O 7] R )
FRS AN HOAE LUK AL A 2 ST 1 S SRR B O 2 Ah e B E 2, AR REURSE IR IS8 2 R SER 1Y)
AL, # R BERGHLAS 2% 2] 1) SR e N — SRR M At O b 38, AT ZE 2% 1) R E K7 ML A AN — A
W ESCR BN, BAANBIE S — AR C S — R s, At ERBATR AN B 1E 4k, Bifh A “ R
%7 WEEER. AALE M S AN E RIS . SERr B E A E YR R IE A 1 EARRIHL
TR ZPEVEFAR? AR ROZ AT o E A VR B FAR? X — RV RN ERA
PSR S ) R AN T5 BRI 1Y) “ T 007 BIR, 1EA RIX LM 4 B A1 8

4. HBREANKXERPIERER

gt i) THARRHLAAN — M TR, BN R SR BT N N2 ik, KRR OaAH
AT E N BLZ /T, 38 T AL AN 2N 1 AR B FARSE) B B R I R 28 T A,
FEAENLE A MBI BT TH S R N BT T BT M 2L, A SRR HRE R
HAKIIZHE, R2% i BRI S HHOVREE S T R &R SRNLEEE 5 Bl M52, B
PSR ENEN R TRRBOH S ENAET A, Bl %) 7 AN BIRIEA B, 51
VPO IR R4, TR — B SRR R 2 7N & B TREAT 4 e 4SS B .
PR g TR, Hlds—Jrmss e m NS, — 75 SOGR B N BRI, X TR B 2 WAE AR
(M, X MR AT R . EANET SO, — 5 LA A S I BB AR P o B T A SR A
W, 57 R EEAK BN AR SO P S i R 2k . PTBL, N SETIE R (B RE) L &%
B — M T RIS M BB 1 A BER BN 7R WAL O B, o T2 8 N S A Y 10 7 R BN 73 il
IR A R
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HI L4t TRIBHELOE I 2R BENLAS, — PR AN R RN N 535 R OHLE X & IR R AN
Tz i. KBERANFHATEES ARNKALBRENMOCEEF &) S AKX R, BAFKSHYIIR
AP NN N T GERARPFER]. KEIRAIN T LR RENL &S — IR T AKAR, HEENE
Faiet, VSN THEMAIFRA S, feF 2, BRLE MRA LN & — 2 UL DhRe ) TR AR
RIEAANIIR R PR . A RIE RENL & BRSNS SR, 5K & it Xk CLAERS A BLAE 1 AL
KA G AR NE MBI R R T, =& Z AIWLE KA A AT LAE S A . 28T
H ()i B B AE 705518 2 B — AR e B B SL N RIS A, T A A AR, DLBE AT LY
NAENY) 2 B AT S A AT PR L AR o T HERR B REMLE A AT b o 2t AR B — AR AEAE 4 R
JUFAELL 4R, TEiR21E 5 R RN e I RETHA NN, B AR 2 A — U AR ILF
cazim A N T fE.

FEIZFE RS T R AL 2R S EE O 1 05 2R OB AR R BVF B RE IR BN BUR AN R R e N
IR EN, WS TG, 1R RO AR SR A 3N R, 2 RO T
MR Z, MR R E TR EAA S YR/, SR ZEN . ARENESHEN, Pl
NI, RIERBSEMANKRN MG, X—TmAasl F BN R P AN LS, 505
T AN T LS B8 BEAAR X B ARSZ I . JENLEE 1F AR BGR IR RO HLES e T iaeE 1E 4k, B
N BIRAE EWOR R P A BA ML B, ERHAGHARNREELE. fel IRt RESEE A LN,
PLES S ONBRAE NI SCRCZ N, R L T RAER 0 —1H, PMLERTsh 2 N E SRS FEse EBRA
HIAT 5, AEZHLE 58 R SCRCAIAT B A FEAS B th i — R 7 SR AR L. BT DABL & BARAEBLSE I AT
MR R IR, IR ANRISZRC A BAT AL B AR E, B OaT 7 —MEANIR R P IREA T
PERIFTBENE. A RAEGRR, SOBE EEA U, BRI RIS At i, ASEZEH B LA R
ITERAE TR R R M . 3 — T, ASRAE TR SR (5 52 REHL &8 1 s R A 7 Hr
JaZ kA R M NI, FTULE R, ASAHE BRI — SR % (] ) ph S A1 B 2 b L 4% P
o NJOE B RENL S M F, ML AT VRt WL TT e se ik, ASRARTE 075 75 i i CL 224
RRFEE ERBE LGRS AL, ML AR SESEAEfE “2k B 7 VRIS Sug it . st A
XHE RENL & B RBROR By, B RENLAS DT IR ME N R A BHBE AR A I B R, AN CafE e fe e
EITUEHMN I T o AT EAE RPN “om AN TR A7 802 “BERHL” i, AFIHLEE R
IR ZEBUBHIEVE BUIRE 1) £ B R B S R M ARITIR T .

FEXFPANLEDCR R IEEAL 1, ANLRER K TR MA? AR, PLas R =58l
RNE LA, NERI s B TRICE RS . X SEPr B AN D RIIRERE, Hlds B
AR A BSOS T, B2 AEANLR R PRI IOL A AR YE ;10 ASEHTT N2 ER AL Is T a R, Hi
BRHARMIEL, REBE AR TS, MIRIEABERE 2R X & IR EUR 2 E MR 2445
XTIXRE B S5 ROC A A F AR, AR R NS 0 3 SCR A “RRENLER ABANZE (4R 1
S B s AR B S LIRS, RONRE S S R T T AR RS NSRS T 1 A A
Frep R R, YN DR T AN BUE RO E . 7 [L0MECR AN, XL RN SR A
ANHLR Z ARG e AL [ AL, FIRATRRIZE N AR A SRR A, HLE =
PANSETE A J O 2 E 20 AR 3 S SO AF RS AL, B AHLER L SR S AE AHLOR R b 345 B 2 10 4k
P, ERARRE RGPS EA EARE, AEWE N AR L. Wt d, PLEta3iE 1Ak
VAN SR TE R A, I 2B R MR A AR RIS, (E7KE fE R, B L a4
MAIRAF FIERI AL, KR EBIR AR R . XA L s AR BT 5 BRARH: T AL 8 2 AT
BRI B, EH TG A ATEAR, XA RS A T RER BIRIE. Shsh, A BT
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BHOME R 3048, ISR BE % AL R IS 5%, MANFPLS AR, TR L@ AT Bl
— ik, NI A — B i 4

FRANKE R RIE? HLISRELE X R P AU BN A X764 KR EAIRAIR BN 17,
18 R A R T2 32 408 e ML S8 2 [ F S0 0 2R 46 40 T, BLIATHL S8 2% 51 7R A BE AR 10 SR A A I 52 A WL
FA LS AR ORI Tt A BRI 7 IR A 1 1) A AT A 7 S B R G
5. &5

HIFLER A IR R AR E T ARZERIER T 7N TR GE IR BE, (HIXAHLAS 7 5] A9 A n] B g R
R TR R B E . WHLEE I MZ T 6, B RENLas (A LOE AL L 24 M BUAE BATIR AT, T2
AT — A SASRER ELRUGRIN “Abale” , BrEEREI 4 7t L e R B RE R I AR REA L. BTl
MAHRARE, BN AR S BB, T A A ANt s 4 T ATL 2% 28 e 1) 11 SR ik
THAR R, LA LT CASALE R IR A E DU SEAAAE R A . [RIIEATLES 57 >0 AN W] R B 145
BReN A 7 R TE, AR ES NI EREAHTE T AR, 5502 APl
WIHRBUE AT ITAR A - MABIRRE, BRI AR RN B A EEE ILE B BT, B RERL s A&
BT EIRRE g AR TR, ARG CEw UIBE R R & 1 — & BRMEROGE, RN gL
B RUVRAE i R Jg th ERE L E AR tEe &t —2 BTt

AR N TR RE s R SRAVS R 2 NG, — RIUARSC R BRI 2, W E SR, B RE LSRN
B IS FAG B SR A R A A R A A, TR I e e, TR b SR AR P S T IS 7 oK
ARG AR SRR BRI S A2 AR SR bR i o N\ R ae sk B R LR R A i e 3 _E i 28 P18
2 FI DR B RE S A ol BRI R G U SSAF 25, P H B AHE 2 A3 it — P, AR
FPIFSL R TR N HURAUR RS A BETT AT B T vk i B 3 20 1 A 22 3 A
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