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Abstract

The quality evaluation of training of teachers is of great significance for deepening the reform of
the quality assurance system for talent training in colleges and universities, and promotes the
achievement of the goal of training high-quality, professional and innovative teachers. The evalua-
tion of the degree of achievement of the graduation requirements of normal students is a key link
in the establishment of a production-oriented quality assurance mechanism for normal majors.
This paper firstly establishes an index system for the achievement degree of the graduation re-
quirements of normal students according to the graduation requirements of normal students, and
uses the BP neural network model optimized by the fish swarm algorithm to evaluate the degree
of achievement based on the self-evaluation of graduates and the evaluation data of professional
teachers. The evaluation data are compared to verify the validity and practicability of the model.
In normal colleges and universities, a comprehensive, detailed and objective analysis of the evalu-
ation results can be carried out, and on this basis, the training of teachers in normal professional
schools can be continuously improved.
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Figure 1. Neural network structure
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Figure 2. Fish swarm algorithm to optimize BP neural network process
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Table 1. Graduation requirements decidance index system
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Figure 3. Results before optimization
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Best Validation Performance is 0.019068 at epoch 8
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Figure 4. Optimized results
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Figure 5. Goodness of fit
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