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Abstract

A method for automatically identifying Al-generated course homework is proposed to address the
potential risks that Al-generated homework brings to teaching order and student training. Based
on the extensive collection of Al-generated, Al-polished, and human-written homework, contrastive
learning technology is used to deeply explore the text features that can effectively distinguish between
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Al-assisted and human-written homework, and an efficient and accurate intelligent identification
model is constructed based on these features. The accuracy on the test set reached 92.23%, achiev-
ing accurate identification of different types of homework. The research results not only provide an
accurate basis for effective course assignment evaluation but also provide strong support for main-
taining fair and good teaching order.
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Figure 1. Framework of textual feature learning based on contrastive learning
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