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Abstract

The foundational practical course of machine learning plays an irreplaceable and significant role
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in the cultivation of talents in big data. Therefore, investigating the educational and teaching re-
forms of this course holds important significance. This article puts forward a reform scheme for
enhancing algorithmic practical abilities aimed at cultivating talents in big data. The scheme con-
tinuously strengthens students’ practical innovation capabilities by optimizing the teaching con-
tent, improving course resources, enriching teaching methods, and enhancing the evaluation me-
chanism, addressing the problems existing in the course’s teaching. Through this research, it is
anticipated to construct a comprehensive and multi-dimensional system for the practice of ma-
chine learning courses, achieving better teaching outcomes. This will provide valuable references
for the practical teaching of big data and other emerging disciplines, and play a positive role in
improving the quality of talent cultivation.
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Figure 1. The important position of the machine learning practical course
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Figure 2. Chapter content of “Fundamentals of Machine Learning Practice”
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Figure 3. Overview of course resources
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Table 1. Grading criteria for experimental reports

F* 1 IERETFIIRE

ELACES 90~100 43 75~89 4 60~75 4y /NTF 60 4
*%ggﬂé’gﬁiﬁfg AR FaI 5 S SR Wi
sty PRI, SO SRR Sl SRR E R AL, S SRR AL,
R Wi it MREW, S AT B R AT, it WRHR AR X

AT 5 1T EW, AT £, AL T 5 MR AN
B A5 S 45 R 4h

i e 4 ok 26 o4 ph g IALE FLOA L 2 BB o4 4k g DA 4 FLOA
%%T& = 11»21:1‘5% ok éﬂﬁi%’ﬁ%%ﬂ‘]ﬁ Hblm\%%%fi%gn H s Hb@x%j&:%ém REH %Hﬂ.gAéa:% ¥ éiu:
Hr (B 0.2) A, W 4, 5E DL g

3. REHFKERE
31 HESEHEFAR, WIARARFTKHHE

ORI R B “ Hr W RPRIH, SRZATRSOR” X — i, RSO EM AN E T,
ZRPEER, HIEEFIRARAENES G F—,  (HLassa I RERNsEER) 5B B L IR AEAE R0 iR
R, {EARKURE NS FERBCA AR R Za G &, #eEE; B, SUMIRERIZERTE
AR FERIEARE fOROFERE b, A R AR R RIS ST R RR R =, BTV R AR URR
HE SR S A 10 25 D D6, R 2 AR ISR ANAR , BT LAKE B B 2430 7, il 4 R R KRR B 2 ST B (L
., WRIEDhiE. ChatGPT. AIGC 45), 5 28 X/ A h 4 I 48RRI NS 3.

32. MERIEFTFEE R, THTEGREN

BT IR B “IRFE TR, (AR E % X — il ASOTRIRIERIRE ik, 6%
TRFEBERA R . AURIURAE SR Ve N2 P BB AN 2R U . 2k B0 32 22 eh 22 iy B R IR IR 10
WA, B PPT. L. #E. LRI HE. 2 ERENER, BAEREIMFILEENFTRT G,
2 LT MES S, ERCIEL TN S, MARRT 6 92 AR AR AT T AR s 4R e LI
MIBTRLEE, R IE AT O TR AT B IR B 0y, EORBUTRG LT Beaim sh & A 3RT, il 4R
HHCARAR, AZUACINNE, WRESEITEIL, ARSI AR I E . K, BRI S S e A
TFERGNCER R W 5 ATT IR N AP 44 R A TTER), A4 X B A A e 2 B H IR B2 2P 6

33. FERFFREN, BRFEFREH

BT ILA R @B “ Hep sl —, TSR e X, RSO RBEAEAM T B S
FEMI. ANRTAEGERRE T, FOTRZN HAE T ERF . S, FURN S ZR AR
WRATHS, W DISRF B 128, & R N O e Bt s, BCE A e R AR a3 1Y, ik
SR ISR S Y 9B KR, RN E P AR B R IR R SR, BRE UM AT DLER A A AT HL AN AL,
FEADCRTCA T i 2B PR B ARVE A B, VRN A G R, JAnT A BEIT A It 520 oA 0

DOI: 10.12677/ae.2024.145852 1385 HHHRE


https://doi.org/10.12677/ae.2024.145852

W %

HOMBPART L, TSR TF 22 2 I XM 7] o 55 =, SOMAT LA~ AR F = 5 R 48 BRI AT B4R G
SCHREE IR ANR R, SH ATTERARE T, A [ Pr 2 UORSCEESS, 1R AES 5B L2 T 1wt
WAES), WSS Valse WIx, WA HUTIR, REKMSE, ST A S ESPEREIL .
S0, SRS IR EAE TSR, 0 EM TS, DRI SR A1, R R

34. FERFFRIEN, BRFEFREH

PO LA R B RS RS, SRR X — W, ASOTReEd 2 4R
WL, SR IR i A A I S ER . 3—, MRS, R ESCB, WIRIRG 2 MR,
FERPAELIE. B, AGUNAS SHEEPIGERRNH, HFUERNEAS 5% . BH LT
HT TR PRFE A A2 E RIS RS SIS, BETHR AL X AL TR, k2 R AR T H A 45
EREHLE I B 5Bk [8]. H=, JTRU LRI, By i, s, AN
GG Z DN EEFIA I G EIE, R 2 M 4 Frs.

Table 2. Performance assessment items and proportion

2. BB RIE KL

B3l 77 L EE (%) SEB 1 (%)
Z 51tk 10

SHL AL dgfe 2,

PR gy 10 20
SEIRHR 10

HRE ST (=GR 20 50
T H 2 10

R KAE 30 30

10%
= 551416
“EEST
- TRIRE
T
- I B
- R Pl

10%

10%

20%

Figure 4. Performance assessment items and proportion
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