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Abstract

Personalized teaching is the goal of education field, which aims to provide customized teaching
according to the learning needs, interests and abilities of each student. As a new interdisciplinary
field, Education Data Science (EDS) combines data science, learning science, psychometrics and
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educational technology. Education data science provides new perspectives and tools for personal-
ized teaching by analyzing and mining education big data. This paper summarizes the application
of educational data science in personalized teaching, and discusses its theoretical basis, practical
cases, challenges and future development directions.
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Figure 1. Diagram of the student growth detection system architecture
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Figure 2. Visual results of integrated ability diagnostics
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Figure 3. Visualization of the assessment of academic difficulties
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Figure 4. Visual presentation of examination analysis
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Figure 5. Visual presentation of work analysis
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Figure 6. Visual representation of opponents beyond recommendations
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Figure 7. Diagram of cognitive ability
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Figure 8. Visualizations of policy characteristics
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