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Abstract

Currently, in vocational education, the evaluation indicators for the teaching effectiveness of
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courses have the shortcomings of strong subjectivity and weak correlation with vocational sKills. In
order to overcome the above shortcomings, this article uses the correlation between students’
course grades and vocational school skills competition scores (Hereinafter referred to as “competi-
tion results”) as the basis for evaluating teaching effectiveness. In order to find the correlation be-
tween the two, this article used machine learning decision tree models and statistical correlation
calculations. This article takes the course grades of the first semester of the first year of 2022 and
the competition grades of the second semester of the first year of Big Data Technology at Handan
Polytechnic College as the experimental subjects. The experimental results indicate that among all
courses, there is the strongest positive correlation between Python blended learning course scores
and competition scores. In order to further enhance the effectiveness of vocational skills training,
this article suggests increasing the proportion of practical professional courses represented by Py-
thon blended learning in the total class hours.
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Figure 1. A decision tree classifier based on subject scores as attributes and skill competition awards as categories. Category
1 indicates that the student has won an award in the competition
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Hift504 < 86.5
entropy = 0.954
samples = 8
value = [5, 3]
class = 0

KEFFEEFL < 94.5
entropy = 1.0
samples = 6
value = [3, 3]
class = 0

REEEL < 82.0
entropy = 0. 811
samples = 4
value = [3, 1]
class = 0

KEEEL < 74.5
entropy = 1.0
samples = 2
value = [1, 1]
class = 0

Figure 2. Decision tree classifier based on course grades other than Python blended learning as attributes
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Table 1. The correlation coefficient between subject scores and award situations

# 1 ERAGEREBRANBXRY

WA LRI DL A G R L
Python J& & 2% 0.606958
BAEEE LSS 0.188747
EREH % 0.164740
WS 04 0.097167
R THE 0.055909
KFEE —0.128368
SR = -0.202947
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