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Abstract

This research paper examines the impact of generative artificial intelligence on teacher competence
in higher education. Through literature review and empirical research, the current status of gener-
ative Al application in higher education and its potential impact on teachers’ roles and responsibil-
ities are analysed. The study constructed a teacher competency scale for higher education teachers
and proposed relevant hypotheses. Questionnaire survey and data analysis methods were used to
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verify the impact of generative Al on teachers’ professional knowledge, teaching ability, research
ability, technology application ability and career development ability. The results of the study show
that generative Al poses both opportunities and challenges to college teachers’ competence. Based
on the results of the study, strategic recommendations for university teachers to cope with the im-
pact of generative Al are proposed, which provide a reference for higher education institutions to
formulate relevant policies.
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FEAT S B B W) ] o HL BT« BfZE i (Chris Argyris) F1RE 4475 « #28l(Donald Schon) - 1974 £ . &
FEEH FAL O, HEOHEY. AN REEEMPNR RSk [1].
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Figure 1. Framework diagram of the impact of generative Al on university teachers’ competence
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Table 1. Setting of competency level index problem
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3.2. BERNE

1B K TRZ A, 2B AE B A4 LIMSE i 55 L R REAT /N E Bl TUR I, TR TR R 55 £
), ARG 53 4, ARCER 96%. A& RIWE, 2B % B EEE AT X 70 BT . LA AR
I, DMER BRI EA LT A IE.
3.2.1. {RESh

MR 2 BRI LR W, %85 in 5 1) SRS BEAR &, 4y 2R 1 Cronbach’s o R EUTE
0.816~0.872 2 [], WHIZE >y EEEPEERE, BT, BraEuiiReE .
Table 2. Competency level index questionnaire Cronbach’s Al pha prediction

5= 2. BEHELKIEFRE)%E Cronbach’s A TE&E pha Ul &
%

il

I Cronbach’s A\ %48 pha {& K4k Cronbach’s A T #¢ pha {8
Al
HIR SR A2 0.861
A3
A4
B1
LREEe ] B2 0.836
B3
C1
AMERFE c2 0.827
C3
D1
L D2 0.832
D3

0.946

El

=
m
=

E2 0.824
E3

3.2.2. MESH

RO RN e, R LR BT B G SR AR S e Y R RE R . MR RS L S A AR
&, MR &z, MR . XA e T BEt T AU AT ) B B AL EAT KMO KR
B, RN RR, APREE KMO HHAT 0.9, Uil R EMERIF. HH, H%EK Bartlett i
%4 0.000 /T 0.05, H3AT LA#EAT K720 47 (3 3).
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Table 3. KMO and Bartlett’s test for competency level indicator questionnaire
= 3. BENRRIENREIE KMO 0 Bartlett 130

IR R 210 K N2 fig ser Meyer Olkin & 0.940
EAR T 5281.103
df 406

Bartlett {3k K 46
Sig. 0.000

323 EXRME

B 28 AR SC AR M AT 79 AN B i AT o A e aRN L BE T s UM A S FE B, s 5 MR,
21 AN, FLARREAS N 2R ) 5343 6 AN, AR RN LR REXT T B M I se m f2 A 21 A
JETI

4. szt
4.0, R

R IR A AL AR AR BN T8 BB AE i S5 20 B A2 I AT IR . DL ChatGPT . DeepSeek 4%
RIA N TR B TRMMGE, EXHESREE B0 5 00 A e . 7R AR AR BRI,
S O ¥ A e A0 5 RE D BESR IE R B T BT ARG I FE AL S T .

R, AWFIAEL BRI, W R &A@ 2 AN T MG A, R EHRT: R
e AR R b2 75 A AR el T BB (945 ChatGPT. DeepSeek. Bard. SC0r—5. bh—#%. 8
ST RSO RGBT Bk GA5)”, DE RIS 5 A U T RE TAEAE I MR
UiTiA E AR IEAT AT, B G R 2 SR P AR R . AR USRI 268 I, BB S, B
AR 258 3o FEAR N IIRFIELN T 3£ 4 P

Table 4. Sample population characteristics

=4 BARNDOHHE

RFAIE e S]]
5] 5 118 45.64%
) 5‘7|
& 140 54.36%
18~25 ¥ 78 30.23%
26~30 % 56 21.70%
S 31~35 % 48 18.60%
36~40 % 43 16.66%
40 Ll 31 12.01%
LFl 158 61.24%
AT HRZEALE 2893
AF} 100 38.75%
Bh# 76 29.45%
HRFR P 137 53.10%
Bz 44 17.05%
s AF 54 20.93%
=]
fifit F LA I 204 79.06%
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422 HBBTE
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S5 DA KA FH A F0 77 2

4.2.3. HLEITE

KRS B T8 Xt BOM Lk R 53 BE IR0 .

GRARe S ARG TR B UM A B (2 1 g 0. VB BE 155 4 mi .

ANPERFAE: A N T8 Bt 280 A M RFAE (R e BT M 45 (i

bl AN T8 REXT BOMSHL (G B ARSI BN R R SIS (5

PHEM: AR RN T8 et BOTM AR (EE A 1BEE) IR

TR AT 1) AR B F T AR AR A N TR i e e b 2 il 80T ) S Ak R Rt AT Ty, g T g ) LR Ak T
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5. HiRSHARIEARE
5.1. RS

AT AL B HEAT Pearson AH R E T, EEAE (URE A A FRAE 22 45 R0 R 4% 6 o dkl
A, AR RGN T BE R A IR T #UM AT A B2 IR e, P IR AR R i .

Table 5. Descriptive and correlation analysis results
5. HAMERAEX S IESR

Bl ¥iE bt 22 1 2 3 4 5 6
1) g 2.74 1.706 1
2) FRFA 2.26 1.123 0.200™ 1
3) A 1.25 0.668 0.278™ 0.254™ 1
4) )i 2.78 1.422 -0.112"  0.335™  0.022 1
5) RAERET S 6.78 1.556 -0.089™  0.254™  0.072  0.475™ 1
6) FatkHE(T A1 2.08 0.998 0.165" 0.332"  0.134" 0187 0.321™ 1

7E: N=456, "£/xP<0.05, "#/~P<001, ™H/xP<0.001, BLFLAE,

5.2. RigHIE
A FEE ST ZOM AT J O B BT &, SRR SRS, ZEERe 1. MERHE. 3L,
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B WRAE AT, AT 2] A2l N TR RE A N T UM SR S H e . 2R me s sl i
AW A RERWIN . & BT REUE 6 Fin.

Table 6. Standardized path coefficient
6. FENRERYE

' Estimate Z%{ SEE. CR. P CSan A A
H1 0.40 0.138 4,04 i
H2 0.74 0.172 4,08 B
H3 0.60 0.187 3.24 0.001 wEE
H4 0.24 0.06 3.77 - B3
H5 0.81 0.12 3.98 . i

vE: P<0.001 K, EEMEFEANT, P<0.05K, BEEE.

AW T L2 8 B T DU P RO X 5, RIS BodiE R SPSS24.0 BEAT HlA 704y 22 54k 7>
My BROED M BAEPER T M. AN TR BERAE A T HUMER & RE /1520 P {E < 0.05, 1&%I
WEACE, AR 2 O ARG TR RE AR T T HOMASERF AL A2 P < 0.05, TAF & EKP,
fBE 3 AL AR RN TR BERIAE AT T #UMBIHLA M PH < 0.05, AR ZEAKF, Bt 4 Bor; 4
Jl N TR RE R A T UMM B OS2 P 4 < 0.05, TEZIR K, R 5 KL,

521 EEAATE N TEREIMIASHEENREAREER W

0 L3R PR, AR O TR BRI N T R A B AR S RERANA P < 0.05, IAF & KT,
R 1 AL AR TR RE T DABRGE A g AR R, 0T 0TI e TR 46 MR B2 2 B e K, Uz
TR IR B IRE . AR BAEMER SRSy, BN, UM S A A A RN T e
HT SRR« BRI AR SCE AR, DURTHRIT AR M AHT fE

5.2.2. ERAATEEXN TERBUNES EDNREARRERW

A RN TR BE A AE A X R A BUMER & RE T2 P < 0.05, TAZIRE/KP, B 2 L. £
BN TR BE AN R 0B % SR 22 S e 0. NBRSZ AL BE J0 A0 el iAok BE 0, DASE S 30E B
ARHE . BN, UM W AR RN TR R ME, BB R A E M GIEVE (AT S, R
TR R 3 21 Y )

5.2.3. ERAATE X TEKZBUAMEFHERN X RA REF W

AR TR BE A X R AL O AN PERFAE 20 P fEL < 0.05, IEFIR K, R 3 s, 2k
BN TR BE RN AT e A8 BOM ST, SUFTAE N ARk, [RI mT ge R AR FE AL 7, BRI vk
HOM T Z RO, BRI EARAREE,  JFA 2 NSRRI R (kA -

5.2.4. FEAATE N TSREFPHNERER R

AR T BE A X R AL O PERFAE 20 P EL < 0.05, JERIRFEKP, Rt 4 or. 2k
s AN T BE AR S AT REOAS A 0 4 B S LA R B WL, RISt m] eSS R AL AR R iR
ST AT E 5N S A A A N T RESR T A R AR AT, [R5 225G 5 A 2R AN R 2
HAEHMEE.
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