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Abstract

To clarify the historical evolution, research status and cutting-edge trends in the field of multimodal
learning analysis, this study utilized the CiteSpace tool to conduct a visual analysis of the core jour-
nal literature from 2014 to 2024 in the databases of China National Knowledge Infrastructure (CNKI)
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and Web of Science (WO0S). The analysis covers dimensions such as the annual number of published
articles, co-occurrence of institutions, co-occurrence of keywords, keyword clustering, and key-
word timelines. The research finds that in recent years, this theme has developed rapidly driven by
technology, generally showing a trend of multi-disciplinary intersection, technology-driven innova-
tion, and multi-angle practical application. In the future, related research will follow the development
of artificial intelligence technology, break through the bottlenecks of cross-disciplinary theoretical
integration and heterogeneous data integration, enhance teachers’ ability to apply technology and
design teaching, promote the adaptive implementation in complex scenarios. China urgently needs
to build a cross-institutional cooperative community with leading scholars at its core to drive local-
ized theoretical innovation and practical application, and facilitate the digital transformation and de-
velopment of education.
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Figure 1. Shows the annual changes in the number of published papers in the field of domestic multimodal learning analysis
research from 2015 to 2024
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Figure 2. Shows the annual changes in the number of published papers in the field of multimodal learning analysis research
abroad from 2015 to 2024
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Table 1. The top 5 institutions in terms of the number of published papers in the field of multimodal learning analysis research
at home and abroad from 2014 to 2024
% 1.2014~2024 FERSNSIETSF ISR QUL STERT 5 B A

CNKI %4 WOS 4 2
Gk RICHE IR RE
JEHTITTE K % 29 Pontificia Universidad Catolica de Valparaiso 8
IR TG R 23 Universidad de Valparaiso 8
HE R TG R 18 Harvard University 8
He T K 2 17 Norwegian University of Science & Technology (NTUN) 5
AN NE = 5 Universidade Federal de Santa Catarina (UFSC) 5
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Table 2. Keyword distribution in the field of multimodal learning analysis research at home and abroad from 2014 to 2024
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15 EAETErat 4 0.25 15 visual analytics 5 0.00
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