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Abstract
This study focuses on the Chaoxing Learning Platform, aiming to construct a knowledge graph for
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the Fundamentals of Artificial Intelligence course to explore its application and practicality in edu-
cation. First, we conduct an in-depth analysis of the concept and structure of knowledge graphs,
clarifying that they are built on entities, relationships, and attributes, serving as essential tools for
information extraction and knowledge representation. By integrating existing knowledge graph
construction methods and aligning with the course content, we systematically extract relevant
knowledge units from the Chaoxing Learning Platform. Through case studies, we thoroughly exam-
ine their effectiveness and practicality. The research demonstrates that knowledge graphs built us-
ing this platform can effectively integrate diverse educational resources, presenting learners with
a clearer disciplinary knowledge structure to enhance learning outcomes. In practical implementa-
tion, we employ Graph Database and Semantic Network technologies to meticulously categorize and
link course content, ensuring the knowledge graph accurately reflects the intrinsic logic and inter-
relationships of the curriculum. After completing the knowledge graph construction, we propose
solutions for improving educational evaluation systems and optimizing teaching resources.
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Iy ERRTHE BITE SOGAFIZKF o AR IR e, AT PLORFh A a2 ik, 17 BB AT DURSCA R K
Q= ReE OB LU IES T N =
3. ETHEFI)BILEHNERMR

(—) “FEaEMk
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Table 1. An example of knowledge graph construction based on the SuperStar learning platform
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Figure 1. Construction of discipline system and action system
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Figure 2. Construction of prerequisite and post-requisite knowledge points in the discipli-
nary system
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Figure 3. Analysis of knowledge points and
mastery rates
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