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Abstract

To address the risks of academic misconduct and the homogenization of assessment practices asso-
ciated with generative artificial intelligence (AIGC), this study is guided by the policy orientation of
Al-enabled education, building on relevant theoretical perspectives and prior research on Al-gen-
erated text detection, and develops an exploratory collaborative framework integrating technolog-
ical detection, institutional regulation, and educational empowerment. Technically, a dual-driven
large language model-based text detection system is explored, with its detection performance pre-
liminarily validated through experiments on public dataset. Institutionally, a whole-process frame-
work is designed across four dimensions: application boundaries, assessment systems, regulatory
procedures, and long-term safeguards, with an exploratory three-tier regulatory mechanism com-
prising system-based detection, expert review, and process traceability. Educationally, Al-gener-
ated text detection is repositioned as a cognitive feedback tool, and incorporated into a three-stage
talent development pathway and a four-party collaborative teaching model involving instructors,
generative Al, Al-generated text detection, and students. The study provides an exploratory frame-
work for academic integrity governance and the transformation of talent cultivation models in
higher education in the intelligent era, offering a reference for subsequent empirical research and
practical validation in educational settings.
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Figure 1. Model framework
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Table 1. Experimental results of Model 1 on the CHEAT dataset
# 1 HEAI—% CHEAT HiR & LRSTINEER

model F1 i A=

Ours 0.8308 0.8351 0.8313

RAIDAR 0.7895 0.7896 0.7895
Fast-detectgpt 0.7231 0.6258 0.8562
roberta-base-openai-detector 0.6668 0.5002 0.9996
roberta-large-openai-detector 0.6814 0.5595 0.8714
rank_threshold 0.6814 0.5579 0.8752
log_rank_threshold 0.7502 0.7244 0.7780
likelihood_threshold 0.7537 0.7396 0.7682
entropy_threshold 0.6668 0.5001 1.0000
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Table 2. Model evaluation results of Model 2 on the SAID_quora_test dataset
2 2. #8817 SAID_quora_test it & _F IS E T 25 R

TR HERf F1 TAL AR 2%
Ours 0.89 0.89 0.93
Fast-DetectGPT 0.84 0.83 0.83
RoBERTa 0.88 0.88 0.91

LIS EE AT LLE H, B8 AR IX = TifEbs F3510 T Fast-DetectGPT 5 RoBERTa %:4k, ¥4l il 4
Re 5 RINERCRE T T ag, RINZONEER E HUR L 5 T BN N - E .
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Figure 2. Four-party collaborative teaching model of “teachers - generative Al - Al-generated text detection -
students”

B 2. “HUM - £ Al - AL ERXXAEN - FE7 MahEHFEATR

AR AL ARSEINEI SO SR BT RE, AREE ORI EE . RN BE . A RO SR AP AR, FRfIRmzE
HEME, RITEOIRCR, Hrf Al BN E RN RS, HERN. SR, A4 SRCCR
AL IS TR D 4330 2 AR < TN IR PP AR AL )t ) B2 SR A I A B s REAS U B AR ER FE IR
FEALRSCE IS Y AP AR, RS =L, R E I, A S R A
ERFACN RN FI R BUE S, FFIRRILAETE L PP v A S PRI RE AT gl e 2800 B 58 1 i 4% 1
L HEBY AP 45 2R T R [ RE 5 RE ) 3 1 e AR A — ] (R G IR (Y S B R B

PN EAR T, FE NS R SRR R, ST % 5 eI R RE 1, A7
M R QIEEE, BRI REEVPI IR, o A ARl 6 B A A S

FOM A O T PONHCE I, B YES| S SRR, BRSO R A, R EERY
Ht e BOMUAS IR S A B2 Wi diE 45 & S5 ORI AR WEA) 27 ST A, EE mT R QDRI . W
RATPUEEE S T, B A AT S e

5 B&ERE

AHTFLEAN AIGC & 5 2 A R LB S PkA, DL N THEB+EE 7 173hit k) vigsl, B
AHIFUEAN AIGC 45 =5 B A R LB S Pkb, LA N RE+HH 7 ATahit1l) vigsl, ERT Al
A RSCAAS BT FU A b, SRR “ BRI I EERTE . B RAE” = — KRR AU FIHEZE,
B WRIT : BEXEEARSCARIZ AR - S RA B A A, AR IRE AL AR ORI A
£, JRIEE AT EE A S A IV REHEAT WP I0AE . FESEIEAN b, WY RSN - PROTECR - P
WIEE - RELSS7 BB, 1RI AIGC SEARMM 2 PbntE 535005 . A MEMHEN . 5 5R
PEARSS S I REEPPOT R R DU “ RGN, TR B, SREHR" =ZUELH, RRIREM AR
R R PR AR BBt A TR, S iR AR R TR B Al T 45 R B R E L, R AR R TR TR AR
WA, ok =B By ER R AR, SR UM - AR AL - ALAE RSO - AR DU T R B A
Ko BRTTE, ASOB AU 510 E 2R T2 THORBE SRR R B MR RYEHEZE,  HLSERRM
IR A fpitt— D UE

{EAHE T A 2 B BOE V6 B N A RS FRHE SR i R Gd SR AR 7 5 B SR 0AE ,  F8  PRAN 4R AR A AL
HREARRME; FR, BB 3 2T AT RER T RS, HAEAN R 2 RN R SR R B (72 4k
RE /1A 2t DR

AR RRE A, KA SR I PP 5 BeARUN T BRI, RS e, Uik, 3l

DOI: 10.12677/ae.2026.1691981 940 HHHRE


https://doi.org/10.12677/ae.2026.1691981

BT %

FEIC SRS Al e SRRt L8507 ST SRR L, P IR IEAEZR A A R Sl AT . RN 3 KA R “A LA
SO BEE RIR,  ARYE SEE SRR AR IR . 1A 8 AR SR B L] .

SE

(1]

(2]

(3]
(4]

(5]

(6]

(7]

(8]
(9]

[10]

[11]

[12]

[13]

(HEBEATAEBY S EREE k173 2.0 [EB/OL].

http://www.moe.gov.cn/jyb xwfb/xw_zt/moe 357/2025/2025 zt06/cgfb/202505/t20250507 1189603.html,
2025-05-16.

HEMERIIIRTER  “NLTEEE+BE” 173K 1@ s[EB/OL].
http://www.moe.gov.cn/srcsite/A16/s3342/202604/t20260410 1433240.html, 2026-04-10.

PO BE, F0%, BBRh. T AR AN 2R KB B [I]. JFRBE 7L, 2023, 29(5): 4-13.

PBURBEE, RN, BRiG, HEIK BEERUHHRSGERE: 250545 RGNELT L ——PRH - HH -4
SR AR R 1K E R R[], A BB #T AT, 2025, 46(12): 5-18.

4 0F, 24l HpPE o BT A A RN L BE 2 5 RMIFE SCE VR RBSIA BE LL & 4 [9]. o B RS I A,
2025, 36(7): 824-834.

Salomon, G. (1993) No Distribution without Individuals’ Cognition: A Dynamic Interactional View. In: Salomon, G.,
Ed., Distributed Cognitions: Psychological and Educational Considerations, Cambridge University Press, 111-138.

Holmes, W. (2019) Artificial Intelligence in Education: Promises and Implications for Teaching and Learning. Center
for Curriculum Redesign.

Miao, F. and Holmes, W. (2021) Al and Education: A Guidance for Policymakers. UNESCO Publishing.

Atchley, P., Pannell, H., Wofford, K., Hopkins, M. and Atchley, R.A. (2024) Human and Al Collaboration in the Higher
Education Environment: Opportunities and Concerns. Cognitive Research: Principles and Implications, 9, Article No.
20. https://doi.org/10.1186/s41235-024-00547-9

Bassett, M.A., Bradshaw, W., Bornsztejn, H., Hogg, A., Murdoch, K., Pearce, B., et al. (2026) Heads We Win, Tails
You Lose: Al Detectors in Education. Journal of Higher Education Policy and Management, 1-16.
https://doi.org/10.1080/1360080x.2026.2622146

Sun, Y., Liao, Y. and Ma, X. (2026) Trusting Al to Detect Al? A Systematic Evaluation of the Reliability and Robustness
of Current AIGC Detection Tools for Student Academic Work. Computers & Education, 249, Article 105616.
https://doi.org/10.1016/j.compedu.2026.105616

Pudasaini, S., Miralles-Pechuan, L., Lillis, D. and Llorens Salvador, M. (2024) Survey on Al-Generated Plagiarism De-
tection: The Impact of Large Language Models on Academic Integrity. Journal of Academic Ethics, 23, 1137-1170.
https://doi.org/10.1007/s10805-024-09576-x

Mao, C., Vondrick, C., Wang, H. and Yang, J. (2024) Raidar: Generative Al Detection via Rewriting.
https://arxiv.org/abs/2401.12970

DOI: 10.12677/ae.2026.1691981 941 HaidtE


https://doi.org/10.12677/ae.2026.1691981
http://www.moe.gov.cn/jyb_xwfb/xw_zt/moe_357/2025/2025_zt06/cgfb/202505/t20250507_1189603.html
http://www.moe.gov.cn/srcsite/A16/s3342/202604/t20260410_1433240.html
https://doi.org/10.1186/s41235-024-00547-9
https://doi.org/10.1080/1360080x.2026.2622146
https://doi.org/10.1016/j.compedu.2026.105616
https://doi.org/10.1007/s10805-024-09576-x
https://arxiv.org/abs/2401.12970

	AI生成文本检测技术研发赋能学科建设路径研究
	摘  要
	关键词
	A Study on the Pathways for Empowering Discipline Construction through the R&D of AI-Generated Text Detection Technology
	Abstract
	Keywords
	1. 引言
	2. AIGC教育应用与学术治理研究现状
	3. AI生成文本检测模型开发
	3.1. 模型原理
	3.2. 实验及结果 

	4. AIGC检测技术赋能学术治理与人才培养的探索性框架
	4.1. AIGC学术使用边界与透明披露机制
	4.2. 融入AIGC检测的过程性学业评价机制
	4.3. AIGC检测监管与复核工作机制
	4.4. 面向AI + 学科建设的分阶段人才培养路径
	4.5. 四元协同创新教学组织模式

	5. 总结与展望
	参考文献

