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Abstract

Maritime behavior detection is critical for maritime surveillance and management. It is important
for ship’s safe sailing, normal production at ports, marine environmental protection, water illegal
activities prevention and so on. With more and more AIS systems are installed on board, massive
amounts of AIS data have been accumulated, which provides us with promising ways to investigate
the law of ship motions and the detection of abnormal behaviours. In this paper, various algo-
rithms used for detecting abnormal behaviours of ship are reviewed and commented, and the
challenge of researchers in this field faced is then pointed out, in the end, the perspectives in this
realm are also proposed.
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Figure 1. The classification of abnormal behavior of the vessel
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