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Abstract

At present, deep learning as the representative of the artificial intelligence technology in the era of
big data has the ability to affect the military operations. In the process of systematic strategy early
warning, how to use the massive exploration data to improve the early warning ability is becom-
ing the research hotspot. Based on the introduction of deep learning technology, this paper ana-
lyzes the essential features of this technology, considers the characteristic of systematic strategy
early warning to propose some thoughts on the influence of the deep learning technology on the
strategy early warning system from the aspects of equipment intelligence, intelligence informa-
tion transmission and processing intelligence and provides the idea for the utilization of massive
early warning intelligence information.
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