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Abstract

To address the problems of lack of guidance and caregiver’s knowledge in home physical rehabili-
tation training for stroke patients, an intelligent assisted system for physical rehabilitation training
of stroke patients was developed. The system uses the OpenPose and MoveNet posture detection
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libraries to extract the real-time skeleton coordinate sequences of the patient’s training process,
construct a user’s limb movement evaluation model, evaluate the training process of the trainer,
and derive the quality of the trainer’s rehabilitation training, and remind the user of the substan-
dard movements and the correction methods through text prompts. It also reminds the user of the
substandard movements and the ways to correct them by means of textual prompts, and guides
the patient to gradually achieve the rehabilitation training standard.
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Figure 1. System flow chart
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Figure 2. Preprocessing effect
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Figure 3. Network structure of OpenPose
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Figure 4. Structure of MoveNet
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Figure 5. MoveNet flowchart
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Figure 6. Inference speed of MoveNet across different devices and TF.js backends
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