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Abstract

Target tracking algorithm is to estimate and locate the position of a given target to achieve conti-
nuous tracking. With the development of hardware technology and neural network, target track-
ing is far more accurate and faster than traditional algorithms. Tracking algorithm based on sia-
mese neural network is one of the main research directions of many scholars at present. This pa-
per mainly introduces the siamese network structure and related algorithms. Firstly, the principle
of siamese structure is introduced, then the existing algorithms are described according to the
improvement direction, then the classical data sets are introduced, and finally, the development of
existing algorithms is summarized and prospected.
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Figure 1. Structure of siamese network
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Figure 2. Structure diagram of SiamFC
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Figure 3. Structure diagram of SiamRPN
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Figure 5. Structure diagram of Transformer
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UAV123 123 109 3085 113K 62.5 min 30 fps 9
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0OTB2015 100 71 3872 59 K 32.8 min 30 fps 16
GOT-10k 10,000 - - 15M - 10 fps 563
VOT-2014 25 164 1210 10 K 5.7 min 30 fps 11
VOT-2017 60 41 1500 21 K 11.9 min 30 fps 24
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