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Abstract

Aiming at the problem of low accuracy of Fisher discriminant method in judging the multicenter
data of the same population, a recoding discriminant analysis algorithm under linear mapping
model is proposed, which combines the idea of dimension reduction in Fisher discriminant method
with recoding method, adopts Monte Carlo method, and divides the pseudo-predicted data. Aiming
at the recognition rate of real mapping, the undetermined coefficients of linear discriminant
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function and the division of false prediction data are determined. The empirical results show that
the algorithm has high recognition rate and stability.
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Figure 1. Schematic diagram of multi-centers in the same category
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Figure 2. Flowchart of the LMMR algorithm
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Figure 3. The specific process of the LMMR algorithm
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Table 1. The synthetic dataset used in the experiment
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Figure 4. Scatterplot of three 2D synthetic datasets
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Table 2. Comparison of recognition rates of three algorithms on synthetic datasets
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Table 3. LMMR algorithm in synthetic dataset discriminant result parameters
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Figure 5. Scatterplot of the Mushroom data creation dataset
5. Mushroom data creation #iE &L= &
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Table 5. Comparison of results of three algorithms on Mushroom data creation
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Table 6. Recognition rate of LMMR algorithm datasets after ten perturbations
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Figure 6. Plot of the fluctuation of the recognition rate of the LMMR algorithm
for 10 perturbations of the a-value
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