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Abstract

As one of the most common items in hospital physical examinations, blood routine plays a crucial
role in diagnosing whether the body is healthy. At present, common methods for screening blood
cells include using blood cell analyzers and manual microscopy, but these two methods are too ex-
pensive and lack accuracy. To reduce costs and improve detection accuracy, using deep learning to
detect blood cells can effectively solve this problem to a certain extent.
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Figure 1. YOLOVS running structure diagram
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Figure 2. Relationship diagram of various functional modules in the system
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Figure 3. System operation flow chart
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Figure 4. System UML use case diagram
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Figure 5. System main interface design diagram
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Figure 6. Eosinophil training set
6. PEERMERIZBBRINIZRER

SLERA-X]

|

__
»
s .

]

g )
£
|

N
-

X
Bl
| =L

N

Figure 7. Lymphocyte training set
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Figure 8. Monocyte training set
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Figure 9. Labelme labeling of blood cell images
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Figure 10. Model detection flowchart
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Figure 11. Interface design flow chart
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Figure 13. Effect diagram of lymphocyte detection
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Figure 14. Effect of monocyte detection
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Figure 15. Neutrophil detection effect diagram
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Figure 16. Effect diagram of blood cell recognition interface
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Figure 17. Rendering of the historical query interface
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Figure 18. Effect diagram of querying information by querying sample number
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