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Abstract

This article focuses on the next-generation modeling process and the Al-generated modeling pro-
cess, aiming to analyze the core differences and scene adaptability between the two. Next-genera-
tion modeling is driven by humans and goes through meticulous processes such as original art anal-
ysis, medium model construction, high model engraving, low model processing, and texture mapping.
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The model accuracy is extremely high, and it has significant advantages in the fields of film and tel-
evision special effects, 3A games, and artistic creation. It can deeply restore details and express cre-
ativity, but it has problems such as cumbersome processes and high costs. Al generative modeling
takes algorithms as the core and covers technologies such as Text-to-3D and Image-to-3D. It can
quickly convert Text or images into 3D models and has outstanding efficiency in conceptual design,
large-scale content production and personalized customization scenarios. However, it is lacking in
model accuracy and detail processing, and also faces data and copyright problems. This study com-
pares the differences between the two in terms of model accuracy, technical efficiency and applica-
tion scenarios, providing references for the technical selection in related fields. It points out that
the integration of the two is the future development direction and is expected to promote the inno-
vation of the digital content creation industry.
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Figure 1. Screenshot of the game “Elden Ring”
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Figure 2. “Black Myth: Wukong” great
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Figure 3. Construction of the middle mold of the sword blade
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Occlusion FREEIEPAIG D)« il 26 B A% O S it o T BURE R, =S8 R 4 17 4 LS B R i, SIRBL“ DA
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Figure 4. UV splitting
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Text-t0-3D, RISCARE| =HEBIR AR B A, 2 N TR RESURIIHTRER . ST AR B RR, (L&
HARE S iR, staeE i = 4R . X IR AG 3 205 5 A NLP). THEHLE(CV) 51T EVLEE ¥
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ORAIGE BSE T, REGANAE 240975 5, FREGRA TS riEWE. £0% BRXEEs, 5
2HEM L (FCN) U-Net 5515 U FIEAL, BRI K, XauisMi s, ke 25 3D k.

HIR, B3 3D & 77 EEMG IR EE I, PR EAE B SR IR G R AR R FEAS B IRBE B A
PRI, S — R B T A4 I 45 (CNN) AL e BLHE AERL 5K 2D MG tH iR BE P, 58 =R i 2
SEA R A EE, SeT, FEFHRFEVCED, = A S U v A R RS R R

Bk, ERREREE, 2% 8ot FE@EERE RAFEILSE, 0GR =400y, B,
ARSI S B6].

e, 3D HEAE RS A B A S B 3D AL OGRS I B R AN AR AL P AN
B
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T2 AL AR CGER R T, AL @BEEIELE 3D WA UG | W8, (BN R Rk AR il A
MR AESEHY R PAAE—EER . AL FEFSE 3D GAN (3D Generative Adversarial Networks)
NeRF (Neural Radiance Fields)F1 SDS (Score Distillation Sampling) = KA E#AT 8. MWEFE. N H.
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FEFIEBOR A BT T - 3D GAN Sl I 2E Bt 5 15 25 O FUINZRAE K 3D Wfd . 4 plad DARE ML 5 0
FN, i 3D BRI LR R 3D AR ER BRI, AR R W A 8 (1 LS [ 7] NeRF (MLIAT 5)i8
2 R IEAHLMLP) A7 5 a5 70, F 3D AL B S 5 R S A AR RIS L . Hoz O R R AR TE
”‘ﬁﬁz A BE F R 7]. SDS (JLIE] 6)HI FH T Zhd™ HUS R i 7> ek B4R 5 3D Fonifiite.
I S F YOS R P A AR A R, H Ao d M AR R R S T IO R B A ] (4 22 57 8]

it A G mesh MRAEAIAL

B F SRR E:  https:/zhuanlan.zhihu.com/p/559025481

Figure 5. Diagram of the 3D reconstruction process of NeRF

5.NeRF = R T2

B FokiE: Shi, Y., Wang, P., Ye, J., et al. (2023) Mvdream: Multi-View
Diffusion for 3D Generation [J].

Figure 6. SDS flowchart
E 6. SDS I}IL*E.

DOI: 10.12677/airr.2025.144094 996 PNER ST IR YN


https://doi.org/10.12677/airr.2025.144094
https://zhuanlan.zhihu.com/p/559025481

R

FESEN 755 (L 7). 3D GAN L2 T 3D WAGIESUE, Wit A SRy 2t 1
o AERRIT AT, 3D GAN REWS YU AL B FEAL I 3D AR, MAMIRISNSIRAIE L IR X% B S 1
LR, HORT OB I 5% B B R, R ARG R R 1T & 9] NeRF & I T =4 St a g | EILSE
PGSR IS AU, BN, £ VR JRIFIH 1, ATEURIA] NERF U 25 4% 5l i =i 5, A ik VR &
e RIVAT B i FLE M U5 5 5, IR B B SE RO i AT . SDS SEIEAE ST SR USSR I L 55K 1 B
BETT o SZARZAT LU i A\ SR A - 225 R BUXURS O8], ] SDS 2E B AT JiRe AR (1 2R A i o

T ORI S ?

r Ay
Yes No

}
SDS HEMERK?
ch'“ No
\I b
NeRF e TS AR R 2
Yleé ‘-'1\.10
¥ L]
GAN SDS+NeRFift &

Figure 7. Decision tree of algorithm application
scenarios

Bl 7. BIANRmRRER

FESREARH T LA 1). 3D GAN I A A AUA 3 2% X FLUIRMLA, BESE MO E s 27 > 3D
HE TR FRPRFAE AN 3 AT AR o TR T RE 06 DR A BN [F) SR R AR . NERF 2 TR 4 I 318, i KA 5
ZHEEE, RBREZI R UTSMMINER, SlmREN =45t EE. HPEMAM SDS
S, T BRI B SR R E KR WARE R, RIE TR SDS AR BRI KUK & A A 7R 2R
Bl SR R R A R R

Table 1. Comparison of advantages of the three major algorithms

F 1. ZKREEMBIIEE

fabr 3D-GAN NeRF SDS
A T SR TOIRCERT iskaei1lin) W 5 G L VE 4Y) W (AT )
RS ES PRSI A2 ) P OE YRR WS (RACIEARFERT)
SRS H bliigsa SNV 952t SRR P ZARAE
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DU AT, AT JLATAS BE R R R . NERF 250 oF 5L 2% BE AR iy, 7 B 0OR i 14
3R, NPRIEEERCR, NERF 77 ZRERKEAFMAK G, I Bt EGRmEm R Jeloert. 4
WS HhR € BORA%, Bl R A DR AT, BT 2L e AR, B 7 M AR SDS
)2 e AE B R 7R B2 ORI, SRR A G 1S, JF H. SDS BRI 25 75 2K 1) B R Hicdis Aloi
RTINS

5. XYL EL S AR

FERERURE RETT 1T, IR AR AT R A s i, (EAE R EIIRCR T 2 57 9 2

AR T TREZ SR A, RS m(ILIE 8). fE il B, @BEIMREAIH] ZBrush SE4K
i, AR — AT LU N ORI, RAS B 220 I B2 RSO L R 2258 1] AR 4055, SE
B, BECREE R ZIL0]. FHAMTBIT, thRERE L IICAT e, Wl CRAS A OR B LA T A RIS 36
AEANIFI L FH 37 5 ) 75 3K o SR AP EE T TG AR AT (A5 AR 2R AR G JRE AN 40 1930 B b3k 2 AR s FR) 7K HE
REIL B SRS ik S T H ™7 ER

Figure 8. Next-generation modeling
process

E 8. Rt EZRRIZ

Al FERE B Rt AR s R 2, (HAERS B S AU M B Z B (LA 9). AT 2T s Il 2k
AL B RY, 0hTH DL . A RV LB ARFI G5 K, RERLAFIE . AT, TR AR . ASPEAL ) 2
T, ALMELURSHEICIR . oA s N OB, i R4 AT REROA T, shZ T TREZIM BN MRk
TSR] BEAFAE B BAE HERI I L BEAh, AT AR BB RS U] SRt 35507 T, (/R & B
w2, SRR A K AR .

BRI EERTNEE MR . U IR, AaibR . RO =7 E 2),
PR AR BORAE 5 AT LA .

e, EEEAETIH, KEAAREORIERE S, RN, B GEEAIT 2077) KSR, Bt
B, BT 2~3 DA, EEREZIB B, il R SRR I RS 1 5 % ] BEHRIE, R AR
FENHAT Z R REZ) ST, 2 SR 30%~40%. Al EASSRFEAE R A RS . R
R TT 3D &5 TH, FEMNIG DA SR, JLadhal AR A . SRR, AL BB
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Figure 9. Ai-generated modeling process

& 9. Al £ REERTE

HW, FENFIBNTT T, DA AR AR 2 T HME - AR 61 57 L 45 Mo # s, SC BRI IS Substance
Painter 58/ PBR M|, 25 AT A RET B 86 5 S m i B . AT WA R, 3A iRk
BRI 3~5 AWME, ANJ1siAR &0 H WU 25%~35%, FF HZESR AR A& L3 ART)
JES AR R .

Al BRI ST TR . /N TAE S A Blender 45 & MHIHiME, 1~2 ARBESE R 1L T LA,
FRN G EZEA TR AR EE . SR KRR B, Al THE SR G fe s @i, e inss
ZAKALIEZIETAE, ANJIHRNEAZ) 60%~70%.

W, ERAEEST, W ZEANT. UV BITE TR, Sk & E R NS s5%,
AT Z R MK DA DR S AERf R0, SUH SRR Tl EM G K, BIEERE 30%.

Al B FESEIKE) . 4 Midjourney 5 tripo3d.ai Bt &, fiATE4S 0 A AT . B UV, UCHECH
B, o THRBG B RE, B3 70%, KiER> N THAE.

Table 2. Comparison of next-generation modeling processes and Al modeling processes

F 2. RERBIERIES Al ERIRIETEHE

iy et DA B Al AR

S A 34 g5 2~3 M BT A A L3 B
Haifex N 30% (UV EIT/ME RS 75 A T 10) KT 70% (i 13 A AR R /U V /A J57)
B RE FARIE + FAFRiE PEoniA] + iR

6. BAAHTENTEE

FESANRE RS, ARG AT IE M T LA SRl . L C(HRMED) BRIV AH], ik rp i
PT35I BAE ] ZBrush % BE2 KNG A S L MBS ER A SR 19 HEAT 22K JUE %), 45
A Maya BEAT s FEAR AR I, R8I Arnold VE YL a4t R RIS RCR . 18 3A TR, (O
FPRERE: U 2) WA A BT WARAT KT, AP SC(I I 10)s ARDEF RS540 15 il T T
HEZISERM, Fo& PBR M HIMESOR, SEBL 7 I i mi iR B, Wi 1 gL 3 ahm AL Fs i 5 8
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PRE I vt 1 75 5K o

Figure 10. Screenshot of the game “Red Dead Redemption 2”
E10. GREAER: K0E2) iFREE

FEERRERIE, ACEBON ZAREIESR M 7R R RS 6] fE30H B2 80, Be i TAEE
£ (SBHIAC) M Erhh, il T ORI R, TR R ST A A R 1 T
ARSI, KRV R TR S SRR R G . AT RIE T, 2R LUEB) ZBrush 554K
P, bR [EAE P OS2 TR — i, B i 2SR S TS S A, (R A e B OR B A SR ) R UK,
MR BT BOR KRR -

A B R SRAEIR 2 GUA o H O RIRIL, (HAE —LPURIRAE —EHEH. BT, mkEE
Fi o RO URA R A, DO R RE 2R

FERIEZ MR AF & b, AR AMER . BTN IR AR B R &, #
PR R . IRIACEB RSN . B X, XL gy, BAMENE, FREAR m,
LHENAGA, SRR AR BERSEITIT, (G HORIRCR L RITIr, Tk 2B AR
SR vERE P20 5 AE TR, AR A I s PR RE B

AL EBAENE B BURBLH SR KBRS o WERIT AW, Bt R F A “ S8 5 RS 3k
W7 ESCTIE, W5ITIRIT 3D'AE TR BV AT E S A i A FITE SR T A 5 5, 9B BA S 43
FEMEESE.

T REAEAM /R, AT EBERERS SCIm LML B . R REAMB R U, H P EARIRA If i
SE RS 5, AL SRR R GE T Al JR I B B, MANSURF Ik 21 AR o O #8RF 5 F (SPEAL F R
LR U, AT EREEOR AT DRGSR Bt MBS HL, PRl ZE BOE RIL R 3D B, il dne
FAUBE P&, BRI R, A AL SER B RS . RN, FEE 3D BARRUR,
WESRTE T I W R G AN SR AL AR

AL EREEOR BARAE BB A i RERRTHET5 T R BLH EOGE 71, (B A LU IR AE €5
PRAE.

FEERAEGUIR, ALEBIERYIE . AL @B KRR, B RRR, Sh= SlE A G
JRRIL . Y 22X 2 EARAE S S 4R, AT A R ALE T TR . WA AR ZARKMR
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Figure 11. Al generated model preview
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Figure 12. Al generated model
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Figure 13. Screenshot of the game “Cyberpunk 2077”
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