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Abstract

With the deeper application of artificial intelligence technology in the field of education, exploring the
actual effectiveness of Al tools in personalized learning at application-oriented universities is of signifi-
cant importance. This study, targeting students from a sports academy at a specific university, system-
atically analyzed the application status and mechanisms of Al tools by integrating methods such as
questionnaires, sentiment analysis, LDA topic modeling, and structural equation modeling. The find-
ings reveal that while Al tools are widely used and highly accepted for basic learning tasks, a paradox
exists between “high perceived value” and “low actual benefits”. Structural equation modeling indi-
cates that the intelligence level of Al tools is not a direct determinant of learning outcomes; instead,
students’ self-directed learning ability plays a critical moderating role. Additionally, data privacy con-
cerns, conflicts between Al tools and teaching objectives, and insufficient recommendation accuracy
were identified as major bottlenecks hindering deeper application. Based on the observation that
56.45% of students use Al tools daily, this study constructs a tripartite collaborative model involving
“Al, students, and teachers”. It proposes strategies to overcome current application limitations, such as
enhancing AI's contextual awareness, fostering students’ self-directed learning capabilities, promoting
teacher integration into the Al-driven teaching cycle process, and establishing transparent data gov-
ernance mechanisms. This research provides theoretical support and practical pathways for achieving
deeper integration of intelligent technology and personalized education in application-oriented uni-
versities.
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Figure 1. Proportion of Al tool usage time
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B 2. Al TREERIHZHIERE

3.3.2. RH#RLE: FRITEN Al TEEAERNEID
RS WA R AR s (P . RSN AL TR RS, KA T Rk, EEEH
T 1
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Table 4. Evaluation results based on combination weighting method
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