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Abstract

In the context of rapid social development as well as epidemic epidemics, the mental health prob-
lems of our population are becoming increasingly serious and the introduction of new psycholog-
ical supervision and prediction techniques is urgent. Machine learning, one of the main subfields
of artificial intelligence, can automatically learn models from data to make better decisions. Be-
cause its computation, as well as prediction results, are faster and more accurate compared to
human, it has been introduced into the mental health field and started to be used in several coun-
tries this year, and has demonstrated its usefulness in a range of areas such as mental illness di-
agnosis, treatment and support, research and clinical management. This paper presents the cur-

EFI A BAILIR. AL IR LI R R D). AR FERTH, 2022, 11(11): 4814-4818.
DOI: 10.12677/ass.2022.1111656


http://www.hanspub.org/journal/ass
https://doi.org/10.12677/ass.2022.1111656
https://doi.org/10.12677/ass.2022.1111656
http://www.hanspub.org

ALY

rent use of machine learning in mental health based on the current state of affairs and the expec-
tations for further development in this field.
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