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Abstract

With the deepening of aging in Chinese society, the total number and proportion of elderly people
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are increasing year by year. The well-being of hundreds of millions of people is at stake, and it is
also a necessary answer to the question of population ageing society. This paper uses data from
the CHARLS 2018 national survey to investigate the relationship between older people’s well-
being and health behaviours, family relationships, interpersonal interactions, work profiles and
medical and elderly care services using an improved GRA-Logistic regression model and the RUS-
Boost algorithm, and to analyze and compare the advantages and disadvantages of the two. The
results show that medical and elderly care services have the greatest impact on older people’s
well-being and interpersonal interactions the least; factors such as gender, education level and
marriage are related to older people’s well-being. The model analysis comparison shows that the
improved GRA-Logistic dichotomous classification model is more accurate than the general logis-
tic regression model, and the GRA-Logistic dichotomous classification model has a better classifi-
cation than the RUSBoost algorithm. Based on this, this paper puts forward relevant suggestions to
provide a better basis for decision making to foster and improve the elderly system and enhance
the well-being of the elderly.
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Table 1. Flow chart of RUSBoost algorithm
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Table 2. Comparison of the effects of the improved GRA-disaggregated logistic
model and the RUSBoost algorithm model
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Table 3. Improved grey correlation method for ranking independent variables
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Table 4. Table of equations of the improved GRA-dichotomous logistic model
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