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Abstract

In the era of big data, it is of great significance to construct a set of methods for evaluating policy
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satisfaction using social media data. From the perspective of the integration of social media data
and policy evaluation, this paper puts forward the logic, dimension and corresponding methods of
using social media data to evaluate public policy satisfaction. Its logic is to integrate the advantages,
methods and technologies of social media with policy evaluation on the basis of clarifying the com-
monality and complementarity of social media data and policy evaluation. The integration dimen-
sion includes four aspects: topic identification of policy consequences, attention to policy conse-
quences, policy satisfaction and influencing factors of policy satisfaction. Text clustering, topic heat
analysis, sentiment analysis and topic modeling based on emotion polarity are helpful to the reali-
zation of relevant evaluation dimensions. The practice of public satisfaction evaluation on the im-
plementation of “double reduction” policy in C province shows that this method has strong ad-
vantages and feasibility. This paper explores the innovation of policy evaluation in the era of big
data, and provides some enlightenment for the optimization of the implementation of “double re-
duction” policy.
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Figure 1. Methodology construction for evaluating public policy satisfaction using social media data
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Table 1. Discussion topics on the consequences of the “Double Reduction” policy
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Figure 2. Semantic network diagram of the “Double Reduction” non-negative corpus
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Figure 3. Semantic network diagram of the “Double Reduction” negative corpus
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