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Abstract

In response to the pain points of the course content of “Introduction to Information Technology”
lagging behind technological development, practical training being out of touch with real scenarios, and
lack of process support for evaluation, this paper constructs a teaching model of “dynamic knowledge
update-virtual-real integration practice-personality growth tracking” based on the DeepSeek plat-
form. By integrating open source community data such as GitHub and arXiv in real time, a knowledge
dynamic update mechanism is designed to shorten the synchronization cycle between teaching con-
tent and industry practice from 3.2 years to 2.1 days; a virtual-real integration training platform is
developed to achieve 200 ms low-latency digital twin mapping in ordinary browsers, which in-
creases the success rate of equipment debugging by 37%; a multimodal evidence-based evaluation
system is constructed to achieve accurate learning diagnosis through multi-dimensional learning
portraits, and the efficiency of teachers identifying learning difficulties is increased by 4 times.
Cross-regional quasi-experiments show that the experimental group is significantly better than the
control group in terms of accuracy in frontier technology cognition and long-term professional com-
petitiveness.

Keywords

Intelligent Education, Virtual-Real Integration, DeepSeek, Teaching Reconstruction

Copyright © 2025 by author(s) and Hans Publishers Inc.
This work is licensed under the Creative Commons Attribution International License (CC BY 4.0).
http://creativecommons.org/licenses/by/4.0

1. 518

TERCAACTRE E G AR ST, BB IR IESERZALE. ARG EREAN CGEARE, FaERA
BBIEBIE SN, NHEIRAT R THHUE Sk WNBEWRKE, —HiH, ELH
B MEHE TRASEAWMN, 8 TR, —efRE RITe T 8 E S, kE 2
AR MBI BE WAL H—J7H, ANLER. KERSEHOGEAR M A B 52t T TR,
ERAE RS M E A RN TR SRR,

SR, ILSE R E TR IH R 3 . TEMAERBUERT, B id 2 xE DORS HE VT OB AN 5 A 1) 5 ST i
Mg 125, FE “RAEZAM, ZAERA L7 MG EAATE. R, B08 TR A i SR,
328 1 X R 28 5% IR R i X AE SR BUAR T 808 G5 VR 7 THAFAE R N A . bk, BRI PuEA, 2
RSB E, DLW SRR, R AR AA TR,

AR, BEEHE BRI 2P B3 M B ERRIE[2]. 2010 458 2015 4E[0], HEHARMUTE
HENEZ G, MOOC V& 5% 2 8 R4 (LMS) 138 S sl T R IR A= #ilin, Koedinger %3]
FF N FBE R B T a8 B T H Piazza, FIDIRAE T HARM #eA BRI FHEM . 2016 4E)5, 2314
MrEE AR bR E3E 2 AN BIEIR B BL, Baker Z5[4]F]FH Knewton “F- &M E K HIEN R4, @I
HIR MBS SHEIEE TN A, 25 ST HCERIETE 23%. 2020 4ELLK, 2R KA 5 20 FOTR I kA 11
AT RS EIE R, BRI BIAIT R K “Al Tutor” [51368, 3T Transformer ZE44 (1) fe 47T B 242
FE5: 2135 1] AR Y BE

TERFEHCA SR, MARET HARERN . ARASSITFMEE = K4 E. ERBEFHARER

DOI: 10.12677/ass.2025.144316 503 BRI


https://doi.org/10.12677/ass.2025.144316
http://creativecommons.org/licenses/by/4.0/

MR 5

il CHEEGERRIE 2.0) fa, EREBARBEE TN “ TEEME” i “IHESCE” , s EE B4 55
PERIFE6]. NPT RN AP,  CGFSEHLS IR SRR S SRONEA R, FiRfET
HCR M 58%FETH 4 81% [7]. A& R JrTHi, Stevens Z[8]42 H % 7 Bl Z IAIE 2R S48 A IS K 24 1) 52
B b I RS BB E L, AR = e 0 I PP AR AT A SR PR

MATE AR IR A A 1 S B SRR . ALFE Knewton 78 P IR SR 2% ] R 45 B BERE T2 T
KIRE B, EIAZBR T 1B R I S5 AL R [9] . SEBRF & BT RO XU S5y, AELARE A e A PR 13 A
PE[10]: 2% 2] 40 T B B HAT A EAE T AL, ST AR M AR (1] . AT &, KRB AR
ASRE S HARBITRE T HrlaE, (HIE “20507 KEIT 85 [12]. &R M tin e 1.

Table 1. Comparison of the pros and cons of mode types
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Figure 1. Trinity teaching model
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Figure 2. Traditional knowledge transmission pathways
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Figure 3. Intelligent dynamic knowledge transfer path
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Figure 4. The three-stage training framework of virtual-real integration
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Figure 5. Multi-dimensional verification framework of teaching effectiveness
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