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Abstract

Knowledge graphs and artificial intelligence (AI) are increasingly in university course teaching.
This study explored the current state of Al-driven knowledge graph applications in university
teaching, with a focus on epidemiology. We detail the construction of an epidemiology knowledge
graph, encompassing knowledge acquisition, entity-relation extraction, visualization, and knowledge
manipulation. Furthermore, we demonstrate pedagogical implementation through personalized
learning design, interactive teaching, and multidimensional performance evaluation. Our findings
highlight the efficacy of Al in enabling adaptive learning pathways and enhancing instructional out-
comes, offering a framework for innovative epidemiology teaching reform.
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Figure 1. Knowledge graph for epidemiology course
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