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Abstract

In the context of the wave of artificial intelligence technology driving profound changes in related
industries and knowledge systems, the teaching model of traditional big data operation and mainte-
nance courses urgently requires systematic innovation. In response to the various problems exist-
ing in the teaching of the “Big Data Operation and Maintenance” course, this paper proposes lever-
aging the empowerment of artificial intelligence technology and constructing a course knowledge
graph based on the Chaoxing Learning Platform to conduct teaching reform research. By systemat-
ically building a five-dimensional teaching framework of “Thinking - Learning - Knowing - Practic-
ing - Applying”, the study effectively promotes the transformation of the course from knowledge
transmission to ability cultivation, achieving the coordinated development of knowledge, skills, ap-
plication, and literacy goals. This approach tangibly enhances both teaching quality and student
learning outcomes, providing new insights for teaching reform.
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Table 1. Predicted vs. actual student scores in the “Big Data Operations and Maintenance” course (first round)
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Figure 1. The process of building the knowledge graph for the “Big Data Operations and
Maintenance” course
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Figure 2. Interface of the prerendered explanatory animation
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Figure 3. Real-time interactive simulation interface for big data operations and maintenance
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Figure 4. Teaching design of “Big Data Operations and Maintenance” course based on knowledge graph
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