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Abstract

Deep learning serves as a critical pathway for fostering students’ core competencies, while the learn-
ing plan provides a practical vehicle for implementing deep learning. Based on a systematic decon-
struction of the theoretical connotations of deep learning and the essential characteristics of the learn-
ing plan, this paper analyzes the logical relationship between the two. It further refines the design
principles for learning plans oriented toward deep learning, and following the inherent logic of deep
learning processes, systematically constructs practical strategies for learning plan design across
three stages: learning preparation, knowledge construction, and reflective enhancement. The aim
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is to provide theoretical support and practical guidance for the transformation of high school phys-
ics instruction.
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Table 1. Intrinsic relationship between deep learning and academic credentials
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