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Abstract

Artificial intelligence is increasingly used in item development, scoring, analysis, and test-security
governance. While improving processing efficiency and consistency, it may also create risks involving

ESIH: 2, EYSE, A, BT, AR ANUREEGERE BN R AP QR EE DI, 2026,
14(9): 666-675. DOI: 10.12677/ces.2026.149732


https://www.hanspub.org/journal/ces
https://doi.org/10.12677/ces.2026.149732
https://doi.org/10.12677/ces.2026.149732
https://www.hanspub.org/

validity, algorithmic bias, data security, and accountability. Through literature review, comparative
case analysis, and normative analysis, supplemented by a public-data simulation, this study develops
a human-machine collaboration mechanism comprising task decomposition, machine processing,
risk assessment, human review, and feedback-based improvement. Typical cases are compared to
specify responsibilities, conditions for human intervention, and evidentiary boundaries in intelli-
gent item development, collaborative scoring, examination analysis, and security monitoring. The
simulation shows that higher confidence thresholds improve agreement but increase human-review
workload. The findings indicate that responsibilities should not be assigned through a fixed human-
machine ratio; they should be adjusted according to assessment stakes, task verifiability, model con-
fidence, and anomaly risk. High-stakes decisions concerning score determination or misconduct
sanctions require substantive human review, appeal procedures, and final organizational accounta-
bility. For educational examinations in Hebei Province, the study proposes a phased route from prep-
aration and shadow testing to low-risk pilots and controlled expansion.
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Figure 1. Operating mechanism of human-machine hybrid intelligence in educational examinations
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Table 2. Typical cases of human-machine collaboration in educational examinations and their applicability boundaries
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Table 3. Human-review workload and final scoring agreement under different confidence thresholds
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Table 4. Scoring card for risk assessment and human-review activation
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Figure 2. Phased application path of human-machine hybrid intelligence in educational examinations in Hebei Province
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