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Abstract

Curvature extraction is required for many applications in image processing and computer vision.
Therefore, curvature estimation is a basic task of these applications. This paper gives a classifica-
tion and summary for existing curvature estimation methods to facilitate further investigations
based on describing the original mathematical curvature, Gauss curvature, circle-based discrete
curvature, parabola-based curvature, Gauss-Bonnet based curvature, Euler-based curvature etc.
Experimental results show that curvature information can improve the robustness to noise in
surface detection.
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Figure 1. Geometrical meaning of curvature
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Figure 2. Experimental results of tensor voting for surface detection
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