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Abstract

Due to shortage of traditional image segmentation methods dealing with complex and diverse
outdoor color image, this paper puts forward to a Mean Shift segmentation method combined with
Gabor texture feature. First of all, the paper extracts texture feature using Gabor filter and reduces
the feature dimension by fusing multiple direction features. Then, mean space distance, color dis-
tance and texture distance are calculated for region segmentation in images using Mean Shift
clustering algorithm. Compared to watershed segmentation and classical Mean Shift clustering
algorithm, this method can effectively control the generation of over-segmentation and owe seg-
mentation and can get better segmentation effect.
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Figure 2. Segmentation result of different algorithem
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