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Abstract

Optical fiber link monitoring system using advanced wavelength division multiplexing technol-
ogy, computer communication technology, fiber measurement technology, machine learning
TensorFlow framework, etc., achieved the status of the optical fiber link automatic monitoring,
fault analysis, positioning, fault management, maintenance arrangements, line status prediction.
This system can reduce maintenance cost, and significantly reduce the time required for main-
tenance.
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Figure 1. Link monitoring basic schematics
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Figure 2. System general framework
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Figure 3. Platform information display
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Figure 4. TensorFlow sample graph
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Figure 5. Apply the model structure diagram
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