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Abstract

Indoor decorative wallpaper textures have the characters of full color printing and abundant pat-
tern, including modern style, baroque style, luxury style and some different styles; the wallpapers
with different styles are suitable for different scenes such as bedroom, living room and bathroom.
The variation of wallpaper texture styles are drawing attention from wallpaper design companies
and wallpaper sellers. The designers are supposed to recognize the style of different wallpaper
textures, and recommend suitable textures to costumes according to the scenes, which required
more people and time; we hope to realize wallpaper texture style labeling and recommendation
automatically. In this paper, a database of wallpaper textures with different styles is collected.
Based on computer vision and machine learning methods, a wallpaper texture style learning and
scene recommendation system is established with feature learning and support vector machine
classifier, which realized the process of style prediction and scene recommendation with input
wallpaper textures.
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Figure 1. Typical wallpapers with different style
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Figure 2. lustration of wallpapers for four different scenes
E 2. mipREERE ARG

Figure 3. Hlustration of wallpapers for six different styles
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Figure 4. The flow chart of wall paper texture style analysis and scene recommendation
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Table 1. The classification results of styles with different features
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Table 2. The classification results of scenes with different features
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Figure 5. lllustration of style prediction and scene recommendation
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