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Abstract

User online comment is becoming the important data resource for enterprise to get user's re-
quirement in Internet environment. However, how to accurately and effectively extract the cha-
racteristics of the product and its description of the characteristics in the vast sea of comments is a
difficult problem of the theory and practice. Based on the data preprocessing and feature extrac-
tion, the LinLog energy model is introduced to cluster and analyze the features of products and
their descriptive information, so as to obtain the accurate evaluation of the feature. This paper
applies the energy model to the evaluation of 4 mobile phones collected from Jingdong Mall, and
then analyzes the clustering results, finally obtains the advantages and disadvantages of the four
mobile phones. The results show that this method can extract the features of the product intui-
tively and effectively from the content generated by user.
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Figure 1. Technical route
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Figure 2. User comments
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Figure 3. Word segmentation
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Figure 4. LPCE model
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Table 1. Recognition of performance indicators based on evaluation object

F 1 ETFNM RO GIRA M RETEHR

TEIEE G PERedabn 1245 2% H 4 (top 200 i) 1245 25 I HE (top 500 iA])
] AR SRR TF J5¥% LPC J7i% TF J5 LPC }i%
I 89.2% 90.8% 88.6% 89.7%
Al 52.9% 56.4% 59.3% 60.9%
F 4 66.4% 69.6% 71% 72.5%
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Figure 5. Noun phrases
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Figure 6. Iphone 6 clustering results
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Figure 7. Huawei clustering results
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Figure 9. Ml clustering results
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Figure 10. Iphone 6 Feature-Emotional distance
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Figure 11. Huawei Feature-Emotional distance
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Figure 12. Samsung Feature-Emotional distance
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Figure 13. MI Feature-Emotional distance
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