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Abstract

With the deeper research of activity recognition, more researchers pay attention to complex activ-
ity recognition. However, a large number of redundant information and noise reduce the accuracy
of activity recognition. In order to solve this problem, the paper proposes temporally consistent
middle attributes structure and matching patterns of activity by dynamic time warping algorithm.
Through splitting videos and learning middle attribute of segments, we build the consistent tem-
poral structure of each activity category effectively solving noise and redundancy. And it explains
the process of activity from the perspective of timing and enhances the interpretability of activity
analysis. The experiment results on Olympics dataset show that the algorithm can improve the
accuracy of activity recognition effectively.
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Figure 1. Pipeline of activity recognition of detachable structure
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Figure 2. Model of LDA
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Algorithm 1. Actionlets re-assemble algorithm
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Figure 3. Comparison of recognition results on Olympics dataset
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Figure 4. AP performance on Olympics dataset
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