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Abstract

To alleviate the limitations that the existing palmprint recognition methods are time-consuming,
and their robustness to the variations of orientation, position and illumination is insufficient, this
paper uses LDP operator to get feature extraction. The paimprint image is divided into sub-regions.
Then connecting these sub-regions LDP histogram to generate palmprint feature vector, this can
increase the similarity of the same type of palmprint image. In order to improve the recognition
accuracy and accelerate the recognition speed, the classification is performed by Probabilistic
Neural Networks (PNN). It is also shown that the proposed approach is robust to the variations of
orientation, position and illumination and improves the recognition rate, and accelerates the rec-
ognition speed.
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Figure 1. The code process of the LDP operator
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Flgure 2. The palmprint image based the LDP coding
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Figure 3. The joint process of feature histograms
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Figure 4. The structure diagram of Probabilistic Neural Networks
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Table 1. The classification performance in different approaches (1)
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Jiik IER IR 28 (%)
KILTTE 95.41
Kong HI777% 92.88
HF PCA M7k 94.25
HTF LDA M 751% 92.05
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Table 2. The classification performance in different approaches (2)
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Kong HI777% 88.67
T PCA 7 83.25
JLTF LDA 9773 84.05
BT WU /N R A T 1 87.25
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Table 3. The average running time(s) in different algorithms
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