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Abstract

Considering the problem of unsatisfactory clustering effect of single kernel function for multiple
data sources or heterogeneous data sets, and taking into account the difference in importance of
different attributes for different categories, this paper proposes an attribute-weighted multi-
kernel fuzzy clustering algorithm (AWMKFCM)). The algorithm combines the multi-kernel fuzzy
clustering algorithm with the attribute-weighted single-kernal fuzzy clustering algorithm. It not
only can handle the problem that the single kernel function can not meet the clustering accuracy
requirements of the clustering data set, but also can adjust the importance of each attribute dy-
namically to different categories according to the specific characteristics of different types in the
clustering process. Clustering experiments show that the attribute-weighted multi-kernal fuzzy
clustering algorithm has higher clustering accuracy than the attribute-weighted single-kernel
fuzzy clustering algorithm and multi-kernal fuzzy clustering algorithm under the premise of a
certain amount of running time and iterations.
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Figure 1. The dataset of habarman’s survival
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Figure 2. The chart of clustering accruacy
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Table 1. The result table of attribute-weighted multi-kernel fuzzy clustering algorithm

F 1. BN SRR L BRBITERR

0.3 0.4 0.5 0.6 0.7 0.8 0.9 1

TR % BRI L] 0 0.1 0.2
14 14 17 42 107 45

IEARIREL 9 9 13 10 11

cpu IBTH[H] 3.1356 3.276 4.6956  3.7128 4.992 6.0372  15.5065 32.4207 16.0901

3.962 5.616

TR 0.5001  0.5005 0.5067 0.5069  0.504  0.5003  0.577  0.5578  0.5534  0.5795  0.5031
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Figure 3. The result graph of attribute-weighted multi-kernel fuzzy clustering algorithm
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Figure 4. Contrast graph of clustering accruacy of multi-kernel fuzzy clustering algorithm and
attribute-weighted multi-kernel fuzzy clustering algorithm
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ti-kernel fuzzy clustering algorithm
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