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Abstract

In view of the dynamic changes characteristics of real estate price, this article takes the real estate
price of The West Coast New Area of Qingdao as an example, combines the improved grey GM (1, 1)
forecast model with Markov model, and puts forward a new time series basing forecast model to
forecast the real estate price of The West Coast New Area of Qingdao. The grey GM (1, 1) model is
suitable for short-term data forecasting with fewer data and fewer fluctuations, while the Markov
model is suitable for prediction processes with large data fluctuations. By combining the advan-
tages of the improved GM (1, 1) model with the Markov model, a new forecast model is established
for real estate price forecasting. The experimental results show that the accuracy of this model is
high, and it is a feasible model for house price forecasting.
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Figure 1. Comparison of the fitting effect between GM (1, 1) model and modified GM (1, 1) model
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Table 2. Results of state interval division
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