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Abstract

Each review-rating pair reflects different user preferences and product feature. How to dig out the
potential features of users and products from the review-rating pair is the key to improving the
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performance of the cross-domain recommendation algorithm. Therefore, this paper proposes a
cross-domain recommendation based on dynamic aspect representation of fusion features. Ac-
cording to different review-rating pairs, convolutional neural network (CNN) combined with at-
tention mechanism (Attention) is used to obtain the dynamic aspect of review-rating pairs. More
user preferences and product features are learned for the two fields in this way. Then, the mul-
ti-layer perceptron (MLP) is used to realize the knowledge transfer of the auxiliary domain to the
target domain, and cross-domain recommendation is used to solve the problem of data sparseness
and cold start. A comparative experiment was carried out on open datasets. By comparing the
RMSE evaluation index, the experimental results show that the model achieves better results in
cross-domain recommendation.

Keywords

Cross-Domain Recommendation, Review-Rating Pair, Convolutional Neur
Attention Mechanism, Multi-Layer Perceptron
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Figure 1. Model framework map
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