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Abstract

With the high development of autonomous driving technology, autonomous driving systems need
to collect and process more information, and the on-board computing platform has been unable to
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support the computing requirements of high-level autonomous driving tasks. Thus, we propose a
remote distributed computing scheme that uses the Ray framework to implement such kinds of
tasks to break through the computing power limitation of a single computing platform, and pro-
vide the support for higher-level autonomous driving. Experiments show that the distributed
computing system implemented by the Ray framework can greatly reduce the processing time of
autonomous driving tasks, increase system throughput, and ensure the real-time performance of
autonomous driving tasks.
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Figure 1. Remote autonomous system schematic diagram
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Figure 2. Ray’s architecture diagram
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Figure 3. Diagram of remote distributed server cluster structure
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Figure 4. Comparison results of task time consuming
between ray cluster and single host platform
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